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Executive Summary 
The United States is in the middle of the largest concentrated capital investment cycle in its economic history. Five 
hyperscale technology companies — Amazon, Alphabet, Microsoft, Meta and Oracle — are on track to spend roughly 
$700 billion on AI and data centre capital expenditure in 2026 alone, and a combined $680–715 billion in 2026 by 
some counts, up from $127 billion in 2021 — a nearly six-fold increase in five years. Nvidia's own CEO has projected 
industry-wide AI infrastructure capex could reach $3–4 trillion by 2030. The Bank for International Settlements estimates 
AI-related investment contributed roughly one percentage point to U.S. GDP growth in 2025, and S&P Global 
economists at the World Economic Forum estimate data centres and related high-tech spending accounted for 80% of the 
growth in U.S. private domestic demand in the first half of 2025. This is no longer a technology-sector story; it is a 
macroeconomic one. 

This buildout is being financed through an increasingly interconnected, circular, and debt-dependent web of 
relationships among a small number of counterparties: chipmakers (led overwhelmingly by NVIDIA), hyperscalers 
(Microsoft, Amazon, Google, Meta, Oracle), frontier AI labs (OpenAI, Anthropic, xAI), and a fast-growing tier of 
leveraged "neocloud" GPU resellers (CoreWeave, Nebius, Nscale, Lambda). The same handful of firms appear 
simultaneously as investors, suppliers, customers, and — increasingly — creditors and guarantors to one another. 
A BIS working paper on the AI investment race documents roughly $46 billion in disclosed equity investment and $879 
billion in multi-year purchase commitments circulating through this network as of mid-2026. Bloomberg's own deal 
map, Goldman Sachs's "house of cards" line of questioning to its own analysts, and Deutsche Welle's reporting all 
converge on the same conclusion: this is real, it is growing, and its stability depends on the continued willingness of a 
small number of very large balance sheets to keep transacting with each other. 

The report that follows maps this ecosystem layer by layer — capital providers, chipmakers and the semiconductor supply 
chain, power and physical infrastructure, hyperscalers, neoclouds, frontier AI labs, the application layer, and the insurers 
and rating agencies now underwriting all of it — and analyzes the full spectrum of risk this structure creates: credit risk 
(rising hyperscaler and neocloud debt, widening credit-default-swap spreads, Oracle and CoreWeave already near or in 
high-yield territory); circular trade and financing risk (the equity-for-purchase-commitment loops that a formal BIS 
model finds drive 1.3x to as much as 3x over-investment relative to an efficient benchmark); technology obsolescence 
risk (GPU depreciation schedules of 5–6 years colliding with hardware generational cycles of 1–2 years, and the looming 
threat of custom hyperscaler silicon); compliance and regulatory risk (a 40-state subsidy "race to the bottom," antitrust 
exposure from extreme market concentration, and early Congressional proposals for a "Glass-Steagall for AI"); financing 
risk (at least $120 billion, and by some counts over $662 billion, in off-balance-sheet lease and SPV commitments, 
plus a private-credit market that has quadrupled its AI/IT lending in five years); and insurance risk gaps (Swiss Re finds 
that individual data centre construction values have grown from roughly $150 million to $3 billion in five years, that 
construction costs for a single site can now exceed $20 billion, and that the re/insurance industry "can only support a 
fraction of this limit at competitive rates"). 

A central organizing device throughout is the comparison to the dot-com boom and bust of 1995–2002. On several 
dimensions — valuation multiples, forward P/E ratios, PEG ratios, and the balance-sheet strength of the leading players 
— today's AI boom looks calmer than 2000. Goldman Sachs finds the Magnificent Seven trade at roughly half the forward 
P/E of the top technology companies at the dot-com peak, and free-cash-flow generation, buybacks and dividends among 
today's leaders were largely absent from the dot-com cohort. But on other dimensions the AI boom looks larger and 
potentially more dangerous: hyperscaler capex-to-GDP already exceeds the peak spending share of the Manhattan Project, 
the interstate highway system and the dot-com-era broadband buildout; one macro-strategy estimate places the AI bubble 
at 17 times the size of the dot-com bubble; and — most importantly for financial stability — today's dominant vendor-
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financing mechanism is equity-based and circular, not simply debt-based as in the Lucent/Nortel/Cisco vendor-
financing precedent of 1998–2001, a structural difference several sources argue could make a correction harder to contain. 
The Bank for International Settlements' own historical chart places the current AI capex boom alongside the canal mania 
of the 1830s, the British railway mania of the 1840s, the electrification boom of the 1920s and the dot-com boom as the 
fifth entry in a recurring pattern of technology-driven investment manias that "ended in sharp corrections, with wider 
economic fallout." 

The report devotes particular attention to NVIDIA, which is popularly understood as the "picks and shovels" seller of the 
AI gold rush — a company that profits regardless of which AI lab or hyperscaler ultimately wins, much as 19th-century 
hardware merchants profited from prospectors whether or not they struck gold. This briefing argues that framing 
understates NVIDIA's true risk position. Unlike a passive equipment vendor, NVIDIA today occupies four overlapping 
roles simultaneously: dominant chip supplier (commanding an estimated ~95% of the AI-accelerator market); direct 
equity investor in its own largest customers (up to $100 billion pledged to OpenAI, co-investment in Anthropic, a 91% 
stake in the neocloud CoreWeave, and dozens of smaller stakes via its NVentures arm); a prospective credit guarantor 
(NVIDIA was in discussions through mid-2026 to guarantee financing for OpenAI's roughly $500 billion Ohio data-
centre campus, with the guarantee figure reported as high as $250 billion before being scaled back toward $100–120 
billion); and, through this same investment activity, the mechanical source of a meaningful share of its own reported 
demand — research firm NewStreet estimates that every $10 billion NVIDIA invests in OpenAI generates approximately 
$35 billion in GPU purchases or lease payments back to NVIDIA, a 3.5x figure that ties NVIDIA's own investment returns 
directly to its customers' capacity to keep spending. A slowdown in AI monetization would not diversify away from 
NVIDIA; it would hit its chip sales, its equity marks, any guarantee obligations, and the market's confidence in the 
authenticity of its reported revenue, all at the same time. 

A deep dive into private credit's exposure to data-centre debt finds this channel has become the single largest source 
of external financing for the buildout: Morgan Stanley estimates a cumulative ~$2.9 trillion global data-centre capex 
requirement through 2028, of which hyperscaler cash flow covers only ~$1.4 trillion, leaving a ~$1.5 trillion financing 
gap of which roughly $800 billion is expected to be filled by private credit alone — more than corporate debt, 
ABS/CMBS and all other external sources combined. Federal Reserve and FDIC data show bank lending to non-
depository financial institutions (NDFIs, which include private-credit funds) has grown from $56.3 billion in 2010 to 
over $1.47 trillion, with total NDFI exposure now equal to 116% of industry equity, while a 29 July 2026 SEC 
interpretive letter exempted data-centre securitizations from standard Regulation AB disclosure and Dodd-Frank risk-
retention requirements — widening the investor base for this debt while narrowing the transparency available to it. The 
report traces how this risk is packaged into rated Asset-Backed Securities (recent 2026 issuances from Aligned Data 
Centers, DataBank and Compass Datacenters are examined in detail, including the first-ever AAA-rated hyperscale data-
centre ABS tranche) and routed toward public and retail pension systems purchasing investment-grade senior tranches 
— with Canadian "Maple 8" funds showing greater direct exposure and European Solvency II-constrained systems 
showing more indirect exposure, though the European Central Bank itself projects 5–6% asset losses for Eurozone 
pension funds in a modeled AI-driven private-credit shock. A three-phase "domino" scenario — a demand-side revenue 
wall, a collateral shock as GPU-backed loans default, and institutional contagion as forced GPU liquidations (plausibly 
recovering only 30–50% of face value in a correlated sell-off, against a 70–80% orderly-liquidation base case) impair 
ABS tranches — maps how such a correction could plausibly propagate from enterprise AI budgets to pension-fund 
balance sheets. 

From an insurance and legal-structural point of view, the picture is one of a market restructuring defensively rather than 
expansively. Global data-centre insurance premiums are projected to more than double, from roughly $10–11 billion to 
over $24 billion by 2030 (Swiss Re Institute; Allianz Commercial), yet a single mega-campus can still exceed the net 
capacity any one reinsurer will write many times over — Munich Re's own disclosed limits imply that reaching $10 
billion of coverage on one site requires stacking 40 or more carriers. In response, reinsurers are carving "silent AI" out 
of standard commercial lines via new ISO endorsements and "Absolute" AI exclusions, while operators increasingly self-
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insure through captive insurance companies — including sovereign-wealth-fund-backed captives now embedded 
directly into project capital stacks — and a standalone affirmative AI-insurance market (Armilla, Munich Re's aiSure, 
Testudo) has emerged specifically to fill the resulting gap. Should a downturn reach the point of institutional default, the 
report also maps the legal machinery that would process it: a five-tier liquidation waterfall in which GPU-lien holders 
and unsecured tenants absorb the deepest losses, contested "power grid squatting" litigation over interconnection rights, 
an unresolved jurisdictional turf war between FERC and bankruptcy courts, and a structural gap between the U.S.'s 
extraterritorial automatic stay and the more fragmented European insolvency regimes governing any cross-border 
neocloud's offshore infrastructure. 

A live case study, current to this briefing's publication date: on 10 August 2026, NVIDIA announced MOUs with six 
Wall Street institutions — Apollo, BlackRock, Blackstone, Brookfield, Goldman Sachs and KKR — to mobilize over 
$500 billion in third-party capital for AI infrastructure, with NVIDIA retaining a discretionary option to backstop up 
to 25% (~$125 billion) of any given opportunity. NVIDIA shares fell roughly 2.5–3% on the news, briefly erasing about 
$130 billion in market value, as investors read the structure as "left hand to right hand" financing rather than a risk-
reducing measure — precisely the circular-financing dynamic this briefing documents in Sections 4 and 7. Section 7.7 
examines the deal's stock and credit impact, the six firms' roles, the GPU-depreciation debate it has reignited (Michael 
Burry's $176 billion industry-wide understatement estimate versus NVIDIA's 8-to-10-year utility-asset framing), 
NVIDIA's cash position against Moody's (Aa1) and S&P's (AA) specific rating thresholds, the CME/Silicon Data 
compute futures launching 5 October 2026, and an illustrative 50% GPU-price-crash stress test mapping which of the six 
firms would be first exposed to losses. 

The report closes with a dedicated 12-month risk-management advisory, current as of publication, for the institutions 
financing and underwriting this ecosystem directly: trade finance banks (watch megacap capex guidance and enforce 
structural seniority on receivables), private credit and direct-lending platforms (re-price GPU collateral to secondary-
market values on a rolling quarterly basis rather than straight-line amortization), bond and pension markets (look through 
the multi-tenant structure of data-centre ABS to the small handful of hyperscaler credits actually paying the rent, amid 
rating agencies' — S&P Global, Moody's, Fitch and KBRA's — growing scrutiny of "merchant risk" structures lacking 
long-term anchor leases), and trade credit & political risk insurers and reinsurers (treat AI-related loss as a named, 
affirmatively underwritten peril rather than a silently inherited one, per A.M. Best's own June 2026 warning that data-
centre-linked balance-sheet exposure remains under-priced across the industry). 

The report closes with a risk-management framework organized for the primary audiences a business school serves: 
corporate boards and CFOs allocating capital into or alongside this ecosystem; credit investors and bank risk committees 
pricing exposure to hyperscalers, neoclouds and private-credit vehicles; insurers and reinsurers underwriting physical and 
financial-lines risk in data centres; and policymakers weighing disclosure, antitrust and financial-stability responses. None 
of the sources reviewed for this briefing predict with confidence whether the AI investment cycle will resolve as a 
productive, if turbulent, infrastructure buildout — comparable to the fibre-optic overbuild that ultimately enabled the 
broadband internet — or as a financial correction with systemic consequences. What is consistent across sources is that 
the range of plausible outcomes has widened, that the financial architecture connecting the key players is more opaque 
and more circular than in the past two comparable episodes, and that risk is not evenly distributed across the ecosystem 
— it is unusually concentrated in a small number of counterparties, with NVIDIA foremost among them. 
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1. Introduction & Scope 
This briefing was prepared for Prudence Business School as an executive-level reference on the structure, economics and 
risk profile of the U.S. artificial intelligence and data centre buildout as of August 2026. It synthesizes twelve primary 
source documents — spanning central-bank research (the Bank for International Settlements' 2026 Annual Economic 
Report and BIS Working Paper No. 1367), sell-side research (Goldman Sachs, Allianz Research), an academic policy 
paper (Vanderbilt Policy Accelerator), a Harvard Business School teaching case, a Columbia Business School research 
note, reporting from the World Economic Forum, Deutsche Welle and Bloomberg, and a Swiss Re Institute sigma study 
on data-centre insurance risk — together with supplementary reporting current through mid-August 2026 on NVIDIA's 
financial position, hyperscaler credit ratings, and insurance-market conditions. 

The scope is deliberately broad, matching the interconnected nature of the subject: the ecosystem map of who participates 
and how they relate to one another; the economics of the buildout (capital expenditure, financing mix, and the revenue 
required to justify it); the interdependencies and circular financing that bind the key players together; a full-spectrum 
risk analysis covering credit, circular trade/financing, technology obsolescence, compliance, financing and insurance 
risk; a structured comparison to the dot-com boom and bust; and a dedicated deep dive on NVIDIA, which this briefing 
argues carries a materially different — and larger — risk profile than its "picks and shovels" reputation suggests. The 
report closes with scenario analysis and a risk-management framework organized by stakeholder group. 

A note on figures. Dollar amounts describing private deals (equity stakes, purchase commitments, financing guarantees) 
are drawn from company disclosures, financial press reporting, and the academic/institutional sources cited throughout; 
several are explicitly structured as "up to" ceilings rather than amounts fully drawn or paid, and deal terms evolved during 
2025–2026 as negotiations progressed (NVIDIA's proposed financing guarantee to OpenAI, discussed in Section 7, is a 
documented example — reported at various points between roughly $100 billion and $250 billion). Where sources 
disagree or a figure could not be independently verified, this is noted in the text. 

2. The Ecosystem Map: Who's Who in the AI / Data Centre Industrial 
Complex 
The AI buildout is not a single industry; it is a vertically and financially integrated stack spanning capital markets, 
semiconductor manufacturing, power generation, cloud infrastructure, frontier AI research labs, and the insurance and 
rating agencies now underwriting the physical and financial risk. Table 1 below maps the ecosystem layer by layer. 
Figure 8 presents it visually, with the most heavily scrutinized financial relationships (equity stakes, purchase 
commitments, and financing guarantees) labeled directly on the connecting lines. 

2.1 Layer-by-Layer Directory 

Layer Category Representative players & role 

Capital & risk-transfer Banks & underwriters 
JPMorgan, Goldman Sachs, Morgan Stanley, MUFG — arrange 
IG bonds, project-finance loans and structured credit for data-
centre operators 

 Private credit / SPV 
financiers 

Blue Owl Capital, Apollo, Ares, Brookfield, PIMCO — fund off-
balance-sheet special-purpose vehicles; the $1.8tn private-credit 
market's fastest-growing exposure segment 

 Insurers & reinsurers 
Swiss Re, AIG, Allianz, FM Global, Lloyd's syndicates, Zurich 
— property, business-interruption, surety and casualty cover for 
construction and operation 
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Layer Category Representative players & role 

 Rating agencies Moody's, S&P Global, Fitch — assign and monitor credit ratings 
on hyperscaler, neocloud and structured-product debt 

 Sovereign / strategic capital SoftBank (Stargate), sovereign wealth funds, SK Group — large-
ticket co-investment in flagship projects 

Chipmakers & 
semiconductor supply 
chain 

GPU / AI accelerator 
designers 

NVIDIA (dominant, ~80–95% share depending on methodology, 
via its Hopper/H100 and Blackwell/B200 architectures and its 
CUDA software moat), AMD (Instinct accelerator line, the 
primary challenger), Broadcom (custom ASIC design partner + 
networking silicon), Intel 

 Foundry & equipment 
TSMC (the indispensable foundry that fabricates chips designed 
by NVIDIA, AMD, Apple and Google), ASML (lithography 
equipment) 

 Memory SK Hynix, Micron, Samsung — high-bandwidth memory 
(HBM), a recurring supply bottleneck 

 In-house / custom silicon Google TPU, Amazon Trainium/Inferentia, Microsoft Maia — 
hyperscaler efforts to reduce NVIDIA dependence 

Physical infrastructure 
& energy Power generation & utilities Grid operators, gas-turbine suppliers, nuclear-plant restarts, on-

site battery energy storage (BESS) 

 Power & cooling equipment Vertiv, Schneider Electric — thermal management and power 
distribution for high-density AI racks 

 Networking Arista Networks, Broadcom (switch silicon) 

 Data-centre REITs / operators Digital Realty, Equinix, Vantage, QTS — own and lease data-
centre shells and colocation space 

 EPC contractors 
Engineering, procurement & construction firms — flagged by 
BIS as thin-balance-sheet links exposed to any hyperscaler capex 
pullback 

Hyperscalers & cloud The "big five" capex engines 
Microsoft (Azure), Amazon (AWS), Alphabet (Google Cloud), 
Meta, Oracle — fund the buildout, sell cloud/compute, and are 
themselves equity investors in AI labs 

Neoclouds (GPU cloud 
resellers) Leveraged compute resellers 

CoreWeave (91% NVIDIA-owned), Nebius, Nscale, Lambda, 
Crusoe, Hut 8 / Fluidstack — rent GPU capacity, often financed 
with GPU-collateralized debt 

Frontier AI labs Model developers 

OpenAI (Microsoft-backed; GPT lineup), Anthropic 
(Amazon/Google/Microsoft/NVIDIA-backed; Claude, noted for 
long-context and enterprise alignment), xAI (Grok; heavy 
compute/data-centre engineering focus), Mistral AI (leading 
European open-weights developer), Cohere, and internal labs 
(Google DeepMind, Meta AI/Llama) — the largest customers of 
hyperscaler compute and chipmaker hardware 

Data platforms & 
MLOps tooling 

Data pipelines, model hubs & 
evaluation 

Databricks (enterprise data lakehouse — storage, pipelines and 
governance for AI training), Hugging Face (the central open-
source hub for model repositories and collaboration), Scale AI 
(data curation, synthetic data and RLHF for frontier-model 
training), Palantir (enterprise/defense-grade analytics that 
operationalize model output into decision systems) — the layer 
an AI model's training and deployment pipeline runs on 

Application layer & end 
demand 

Enterprise & consumer AI 
products 

Cursor, Perplexity, Salesforce, and enterprise/consumer adopters 
— the ultimate revenue source the entire stack depends on 

Table 1. The AI/data centre ecosystem by layer. Compiled from Vanderbilt Policy Accelerator (2026), BIS Annual Economic Report 2026, 
BIS Working Paper 1367, Deutsche Welle, Bloomberg, Swiss Re Institute and supplementary industry reporting (see References). 
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2.2 Ecosystem Diagram 
Figure 8 (below) visualizes the same structure as a network, foregrounding the equity, purchase-commitment and 
financing relationships discussed throughout this report — most importantly the lines radiating from NVIDIA, which sits 
simultaneously inside the chipmaker layer and as a direct equity counterparty to the hyperscaler and AI-lab layers below 
it. The diagram also traces the data platforms and MLOps tooling layer — Databricks, Hugging Face, Scale AI and 
Palantir — that sits between the frontier labs and the application layer, discussed in Section 2.3. 

 
Figure 8. The AI/data centre ecosystem, by layer, with selected disclosed financial relationships. Solid arrows = equity investment / 
financing; dashed arrows = purchase commitments, supply relationships or ratings/insurance coverage. Diagram compiled by the 

author from the sources in Table 1; enlarge for full legibility of node labels. 

2.3 Data Platforms & MLOps Tooling 
A frontier model is only as good as the data pipeline, labeling workforce and deployment tooling behind it — a layer of 
the stack that sits between the chip/cloud infrastructure discussed above and the frontier labs that consume it, and is easy 
to overlook in a purely capex-driven view of the ecosystem. Four companies dominate this layer. Databricks operates 
the "lakehouse" data-storage, pipeline and governance architecture that many enterprises and labs use to organize training 
data at scale. Hugging Face functions as the central open-source hub for model weights, datasets and code, and is the 
default distribution channel through which open-weights models (Llama, Mistral, and others) reach developers. Scale AI 
provides the data curation, synthetic-data generation and reinforcement-learning-from-human-feedback (RLHF) labor 
that frontier labs depend on to align and fine-tune models — a labor- and process-intensive step that receives far less 
public attention than the GPU capex discussed elsewhere in this report, but is equally load-bearing. Palantir sits at the 
applied end of this layer, embedding model output into real-time decision systems for defense, government and legacy 
industrial customers, and is frequently the commercial bridge between a frontier lab's raw model capability and an 
enterprise or government customer's operational use case. None of these four companies carry the balance-sheet or 
circular-financing risk profile of the chipmakers and hyperscalers profiled elsewhere in this report — their exposure is 
more conventional (revenue concentration, competitive moat durability, data-rights and governance risk) — but they are 
structurally necessary intermediaries, and a business school audience assessing the ecosystem's full ownership map should 
not overlook them. 

2.4 Selected Company Snapshots 

Company Role Key metrics (as reported) Note 

NVIDIA Chipmaker + 
investor 

$5.4tn market cap (Aug. 2026); Q2 FY2026 revenue 
$46.74bn (+55.6% YoY); AI-accelerator market share 
estimated at ~80–95% depending on source and 
methodology 

Central counterparty across 
nearly every deal in Section 
4 and Section 7 
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Company Role Key metrics (as reported) Note 

Microsoft Hyperscaler + 
investor 

~$3.7tn market value (Nov. 2025); ~27% stake in 
restructured OpenAI; $13bn+ equity commitment 

Deepest disclosed reliance 
on neoclouds (e.g., $33bn 
Nebius bet) 

OpenAI Frontier AI lab 
~$500bn valuation (Nov. 2025); $13bn 2025 revenue, 
~$19bn annualized; forecast negative cash flow to 
2030 

Counterparty to NVIDIA, 
Microsoft, Oracle, AMD, 
Amazon, SoftBank 
simultaneously 

Anthropic Frontier AI lab 
$4bn 2025 revenue, ~$19bn annualized; ~40% share 
of foundation-model revenue (with OpenAI, Google = 
88%) 

Backed jointly by Amazon, 
Google, Microsoft and 
NVIDIA 

Oracle Hyperscaler / 
cloud 

Credit rating near investment-grade floor (Baa2, 
negative outlook, per Moody's); $300bn OpenAI 
cloud deal; Stargate JV >$300bn across 5 sites 

Most debt-dependent of the 
major hyperscalers 

CoreWeave Neocloud $14bn debt (~1/3 due 2026) vs. $5bn 2025 revenue; 
high-yield rated (Ba3); 91% owned by NVIDIA 

Widening CDS spreads 
signal rising market-
perceived default risk 

Amazon / AWS Hyperscaler + 
investor 

~29% cloud market share; ~$8bn Anthropic equity 
stake; $38bn OpenAI contract 

Cloud share leader; also a 
chip innovator (Trainium) 

Alphabet / 
Google 

Hyperscaler + 
investor 

~13% cloud market share; long-term debt jumped 
3.5x to $46.5bn in 2025 incl. a rare 100-year bond 

Anthropic investor and 
compute/TPU supplier 

Meta Hyperscaler 
Long-term debt: $0 (2021) → $58.7bn (2025); 
$27.2bn off-balance-sheet Louisiana SPV flagged by 
auditor EY as a critical audit matter 

Largest single-year debt 
pivot among the 
hyperscalers 

AMD Chipmaker $90bn OpenAI deal; granted OpenAI warrants on up 
to 160m AMD shares tied to 6GW GPU deployment 

Second-largest chip 
supplier; echoes NVIDIA's 
equity-for-commitment 
structure 

TSMC Foundry Sole advanced-node fabricator for NVIDIA, AMD, 
Apple and Google's custom silicon 

Physical chokepoint of the 
entire chipmaker layer; 
geopolitically concentrated 
in Taiwan 

Databricks Data platform / 
MLOps 

Enterprise "lakehouse" data platform; among the 
largest private software companies by valuation 

Structurally necessary but 
conventional risk profile 
(competitive/data-rights, not 
circular-financing) 

Hugging Face Data platform / 
MLOps 

Central open-source model/dataset hub; default 
distribution channel for open-weights models 

Infrastructure-adjacent 
chokepoint for open-source 
AI distribution 

Scale AI Data platform / 
MLOps 

Leading data-labeling/RLHF provider to frontier labs; 
received a large strategic investment from Meta in 
2025 

Illustrates that Meta's own 
circular-investment behavior 
(Section 4) extends beyond 
compute into the data-labor 
layer 

Palantir Data platform / 
applied AI 

Enterprise/defense analytics platform; among the best-
performing AI-adjacent stocks of 2025–26 

Commercial bridge between 
frontier-lab model capability 
and government/enterprise 
operational use 

Table 2. Selected company snapshots. Figures as reported in cited sources at various dates in 2025–26; see References for full citations and 
dates. Valuations for privately held companies (OpenAI, Anthropic, Databricks) reflect the most recent disclosed funding-round or secondary-
market marks in the source material, not audited financials. 
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2.5 Credit, Financing & Compliance Risk — by Ecosystem Layer, and the Financial 
Stakes Involved 
Sections 5 through 7 analyze credit, financing and compliance risk as cross-cutting themes that apply across the 
ecosystem. Before turning to that cross-cutting analysis, it is useful to ask the question the other way round: what 
does each layer of the stack specifically stand to lose, and through which mechanism? Table 3 answers this 
layer by layer; Table 4 restates the same structure as a financial-stakes matrix — the core exposure, the primary 
leverage point, and the single catalyst most likely to convert that exposure into a realized loss. 

Ecosystem layer Credit risk Financing risk Compliance risk 

Compute & 
hardware 
(NVIDIA, TSMC, 
AMD, Broadcom) 

High counterparty 
concentration: a small number 
of megacap and neocloud 
customers account for an 
outsized share of receivables. 
A liquidity crunch at two or 
three buyers can spike defaults 
on accounts receivable and 
evaporate order backlogs. 

Extreme capex/inventory 
mismatch: next-generation 
architectures (NVIDIA 
Blackwell, TSMC advanced 
nodes) require billions in 
upfront R&D and foundry 
commitments before revenue 
materializes; demand 
overestimation risks severe 
inventory write-downs. 

Geopolitical export-control 
exposure: Western trade 
restrictions and rare-
earth/advanced-node export limits 
can instantly close off large 
revenue geographies (see Section 
5.4). 

Cloud & 
hyperscale 
(Microsoft, 
Google, AWS, 
Meta, CoreWeave, 
Lambda) 

Off-balance-sheet lease 
liabilities and SPV debt 
(Section 5.5); neoclouds 
pledge the same GPUs they 
purchase as loan collateral — 
a circular structure vulnerable 
to chip obsolescence. 

Free-cash-flow erosion as 
capex surges; CDS spreads on 
core hyperscaler credit have 
widened toward levels that 
reflect genuine credit-market 
anxiety (Section 5.1). 

Grid allocation and environmental-
permitting risk: data centres now 
consume record shares of local 
power grids, drawing carbon-tax 
exposure and permitting delays 
(Section 5.4). 

Frontier AI labs 
(OpenAI, 
Anthropic, Mistral, 
xAI) 

Insolvency risk under heavy 
operational cash burn; 
continuous multibillion-dollar 
capital injections are required 
simply to pay for compute, 
creating acute exposure to any 
private-credit or venture-
market tightening. 

Dilution and opaque capital 
structures: unable to issue 
investment-grade bonds, labs 
rely on convertible notes, 
venture rounds and equity-for-
compute warrants that tether 
their solvency directly to 
hyperscaler-backer health. 

Copyright, training-data 
provenance and algorithmic-
disgorgement litigation; an adverse 
ruling could force retraining or 
deletion of multibillion-dollar 
models. 

Data platforms & 
MLOps 
(Databricks, 
Hugging Face, 
Scale AI, Palantir) 

Downstream software-sector 
delinquency: B2B software 
customers building AI 
extensions increasingly carry 
high-yield/junk-grade credit; 
distress among them means 
rapid contract cancellations 
for this layer. 

Valuation-reset vulnerability: 
many are highly valued 
private companies dependent 
on an open IPO window for 
bridge financing; a frozen IPO 
pipeline forces punishing 
down-rounds. 

Data-sovereignty and AI Act-style 
mandates: a fragmented cross-
border privacy/AI-governance 
regime (e.g., the EU AI Act) 
creates exposure to statutory fines 
for model-drift or bias failures. 

Table 3. Key credit, financing and compliance risks by ecosystem layer. Author's synthesis, cross-referenced against the risk-category analysis 
in Section 5 and industry/press sources compiled for this briefing (see References). 

Player layer Core financial exposure source Primary leverage point Systemic vulnerability 
catalyst 

Compute & 
hardware 

Concentrated accounts receivable from 
a handful of megacap and neocloud 
buyers 

Multibillion-dollar foundry 
advance payments and take-or-
pay commitments 

A sudden drop in 
hyperscaler capex 
growth 

Cloud / 
hyperscalers 

~$1.65tn in combined direct and off-
balance-sheet debt (Moody's-disclosed 
direct debt of $460bn for six major 
names, plus ~$1.2tn in off-balance-

Sovereign-scale energy-
infrastructure outlays and long-
dated lease obligations 

Escalating CDS spreads 
triggering restrictive loan 
covenants or a ratings 
downgrade 
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Player layer Core financial exposure source Primary leverage point Systemic vulnerability 
catalyst 

sheet lease commitments — see 
Section 5.1) 

Frontier model labs 
Massive operational cash burn against 
a structural revenue gap estimated near 
$800bn annually by 2030 (Section 3.4) 

Equity-for-compute warrants 
and complex private-
debt/venture structures 

Institutional funding 
fatigue, or a major 
adverse copyright/IP 
ruling 

Data & MLOps 
tooling 

B2B enterprise software customer 
churn and contract cancellation risk 

Venture-backed capital runways 
dependent on private-equity and 
IPO-market conditions 

Broader enterprise IT 
belt-tightening in a 
downturn 

Table 4. Financial-stakes matrix by ecosystem layer. The $1.65tn hyperscaler debt figure reconciles two figures already cited independently in 
this report: Moody's $460bn in disclosed direct debt (Section 5.1) plus the ~$1.2tn in off-balance-sheet lease commitments Moody's separately 
flagged in July 2026 — a useful internal cross-check on the scale of the exposure. 

The Circular-Trade / Bubble Hypothesis, Restated in Financial-Stakes Terms 
Section 4 of this report describes the mechanics of circular financing in detail; the financial-stakes framing adds one 
further point worth making explicit. Critics increasingly describe the pattern as structurally analogous to the 
telecom-equipment financing crash of the early 2000s (Section 6), in which equipment manufacturers directly 
financed their own customers to inflate reported demand. The mechanism, restated simply: a hardware or cloud 
provider invests capital or equity into a model lab or neocloud; the recipient immediately commits to spending those 
same funds on the investor's own chips or cloud capacity; the investing company books the resulting order as top-
line revenue while simultaneously marking its equity stake to market, lifting both revenue growth and reported net 
income from a single transaction. This is a self-reinforcing flywheel while the underlying monetization narrative 
holds — and, as Section 8 details, a rapid unwind mechanism if it does not. 

3. The Economics of the Buildout 

3.1 Scale of Capital Expenditure 
Combined capital expenditure by the five largest U.S. hyperscalers — Amazon, Alphabet, Microsoft, Meta and 
Oracle — has grown from $127 billion in 2021 to a projected $680–715 billion in 2026, according to figures 
compiled from company 10-K filings (Vanderbilt Policy Accelerator, March 2026). Allianz Research separately 
estimates 2026 hyperscaler capex at roughly $575–600 billion, rising a further 50% versus 2025, with capex 
intensity reaching ~23–34% of revenue among the largest spenders — more than double the ~15% peak capex 
intensity seen at the height of the 1990s internet buildout. The Bank for International Settlements puts combined 
2025–2026 capex from the five largest hyperscalers at over $1 trillion, and Moody's July 2026 warning cites a 
trajectory toward $785 billion in 2026 and $1 trillion in 2027. NVIDIA CEO Jensen Huang's own public estimate 
— cited independently by Goldman Sachs, the BIS working paper on the AI investment race, and the BIS Annual 
Economic Report — puts cumulative AI infrastructure spending at $3–4 trillion by the end of the decade. 
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3.2 Macroeconomic Contribution 
This spending is now large enough to move national accounts. S&P Global economists Paul Gruenwald and Satyam 
Panday, writing for the World Economic Forum, estimate that data centres and related high-tech spending accounted 
for 80% of the increase in U.S. final private domestic demand in the first half of 2025, and that the U.S. holds 
more than 40% of global data-centre capacity — a share "projected to continue growing." The BIS Annual 
Economic Report estimates AI-related investment contributed roughly one percentage point to U.S. real GDP 
growth in 2025. The Vanderbilt Policy Accelerator paper goes further, citing analysis that AI-related investment 
accounted for over 90% of U.S. GDP growth in the first half of 2025 and noting that 2026 hyperscaler capex, as 
a share of GDP, is set to exceed the peak spending share of the Manhattan Project, the postwar electricity-grid 
expansion, the Apollo program, the interstate highway system, and the dot-com-era broadband buildout — exceeded 
historically perhaps only by the Louisiana Purchase and the peak of 19th-century railroad construction. 

“Historically, the tech industry has been viewed as human capital-heavy with a light capital 
expenditure footprint. However, with the build-out of large data centres and the race for AI 
dominance, the tech firms' macro footprint is starting to resemble that of manufacturing.” 
  — Gruenwald & Panday, World Economic Forum, December 2025 

The spillover effects extend beyond U.S. borders: most high-tech hardware used in U.S. data centres is imported, 
and U.S. International Trade Commission data show Taiwan and Mexico as the principal beneficiary economies, 
with Malaysia and South Korea also seeing recent increases — meaning the U.S. AI buildout is, in effect, 
exporting a portion of its growth impulse to the semiconductor and electronics supply chains of East and Southeast 
Asia. 

3.3 The Funding Mix Shift: From Cash to Debt 
The buildout was initially funded overwhelmingly from hyperscaler operating cash flow. That is changing quickly. 
Hyperscalers issued more than $100 billion in debt in the first ~2.5 months of 2026 alone, versus roughly $80 
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billion for the entirety of 2025 (Allianz Research) — what Allianz terms a "structural pivot" after a decade of largely 
avoiding debt markets. Goldman Sachs' credit strategy team finds the cash-to-total-assets ratio for the five largest 
hyperscalers fell to 15% by mid-2025, down from 29% at end-2021. The TMT AI corporate-bond basket issued 
$139 billion year-to-date as of the GS report (October 2025), roughly 9.3% of total investment-grade supply, up 
from 7.4% a year earlier — a 23% year-over-year increase. Bank lending to data-centre operators reached $73 
billion as of end-September 2025, up 31% versus full-year 2024 (Project Finance International, cited by GS). 

 
The company-level shifts are stark. Meta's long-term debt rose from $0 in 2021 to $58.7 billion in 2025 — the 
largest single-company debt pivot in the dataset — including a $30 billion traditional bond raise in 2025 (doubling 
its long-term debt in a single year) and a separate $27.2 billion investment-grade private placement to finance a 
Louisiana data centre through an off-balance-sheet special-purpose vehicle set up with private-credit lender Blue 
Owl Capital; Goldman Sachs calls this "the single largest bond issue recorded in the USD IG market." Alphabet's 
long-term debt jumped from a steady $14–15 billion to $46.5–49 billion in 2025 — a roughly 3.5x jump in a single 
year — putting the company on what Vanderbilt's paper calls a "global bond spree" that has included a rare 100-
year bond. Oracle carries the highest absolute and relative debt load among the group, with a credit rating (Baa2, 
negative outlook per Moody's) sitting just two notches above high-yield, and raised $18 billion in debt in late 2025 
with plans for up to $50 billion more in debt and equity issuance in 2026. 

3.4 The Monetization Gap 
The central economic question is whether AI-generated revenue will grow fast enough to justify this capital base. 
Bain & Company's Technology Report 2025 estimates the industry will need $2 trillion in annual AI revenue by 
2030 to finance the required infrastructure — a figure independently cited in both the Vanderbilt and Columbia 
GSB source documents. Against a projected on-trend trajectory, this implies an approximate $800 billion annual 
revenue gap by 2030. 
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Sequoia Capital's David Cahn — interviewed for Goldman Sachs' Top of Mind — frames the same question through 
a widely circulated rule of thumb: take NVIDIA's run-rate data-centre revenue, double it to estimate total data-
centre capex, then double that again to estimate the revenue the industry needs to generate to justify the spend. 
Applied to a 100–250 gigawatt build-out by 2030 at roughly $40 billion per gigawatt, Cahn's math implies "AI's 
$8 trillion question" at the low end and "AI's $20 trillion question" at the high end. His own observation on why 
the industry increasingly quotes capacity in gigawatts rather than dollars is pointed: 

 

“I don't think it's an accident that everybody is now quoting these numbers in gigawatts, because if 
you quoted them in dollars, you would have to do that as a percentage of US GDP.” 
  — David Cahn, Sequoia Capital, in Goldman Sachs Top of Mind, Issue 143 

 

Goldman Sachs' own in-house economics team (led by Joseph Briggs) takes a more constructive view, modeling a 
baseline case in which generative AI creates $20 trillion in present-discounted economic value in the U.S., of 
which $8 trillion flows to U.S. companies as capital revenues — with a plausible range of $5–19 trillion, depending 
on assumptions about productivity uplift (8–27%), adoption speed, and capital's share of AI value-add. Briggs notes 
current U.S. AI investment remains below 1% of GDP on a trailing 12-month basis, which he argues is "large but 
not outsized" relative to prior infrastructure booms such as 1920s electrification or the late-1990s IT boom, both of 
which peaked at roughly 1.5–2% of GDP. This is one of the report's clearest points of genuine, good-faith analytical 
disagreement: BIS's formal model (Section 4.4) finds net economic surplus turns negative in expectation once 
cumulative capex passes roughly $3 trillion — squarely within the range analysts already expect the industry to 
reach by 2030. 
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4. Interdependencies and the Circular Financing Web 

4.1 What Circular Financing Is 
Deutsche Welle's explainer offers the cleanest plain-language definition available across the source set: 

 

“Circular financing typically works as follows: A company pays another for a product or deal, or 
invests in that company or provides a loan or lease. Then that company purchases the first company's 
products or services. It can be seen across the spectrum of AI deals.” 
  — DW explainer, "AI ecosystem's 'circular' investment: risk or advantage?" 

 

The Bank for International Settlements' Annual Economic Report describes the same mechanism in more technical, 
and more concerned, terms: 

“The opacity of AI-sector financing compounds these vulnerabilities. Hyperscalers, chip makers and 
AI labs are linked through a complex web of private arrangements. The most prominent is circular 
financing: chip makers and hyperscalers take equity stakes in AI labs or neocloud providers, who in 
turn commit to multi-year purchases of chips or computing power. Data centre construction is 
increasingly outsourced to third parties that lease facilities back to hyperscalers on long-dated 
contracts with embedded exit clauses. The terms of such deals are typically poorly disclosed, with 
risks of the same asset being pledged multiple times.” 
  — BIS Annual Economic Report 2026, Chapter I, "Progress and peril" 

 

Not everyone treats this as inherently problematic. Byron Deeter of Bessemer Venture Partners, pressed twice by 
Goldman Sachs on whether the pattern amounts to a "house of cards," pushed back: "Nvidia, for instance, has 
become a core supplier to nearly every player in the stack; Oracle's capital allocation is a bet on catching up in 
cloud; and OpenAI's commitments reflect genuine compute needs... I wouldn't characterize it as a house of cards." 
An ING technology strategist quoted by DW made a similar case: the "exceptionally strong financial positions" of 
NVIDIA, Microsoft, Amazon and Alphabet "mitigate against the risks," and the arrangements "make strategic sense 
because they help participants expand their market reach and accelerate adoption." Against this, Goldman Sachs' 
own Eric Sheridan — a telecom analyst during the dot-com collapse — was blunt: "The circularity does make me 
nervous. This is another example of the current period rhyming with the Dot-Com Bubble... These companies traded 
capacity with each other using debt, with one company's revenue being another's capacity. The entire house of cards 
fell apart when the debt load became too high." 

4.2 The Deal Map 
The following table consolidates disclosed circular-financing figures across the source set — the BIS working 
paper's network diagram (data as of June 2026), Bloomberg's circular-deals infographic (company valuations as of 
November 18, 2025), and the Columbia GSB research note. Figures vary slightly across sources, reflecting different 
disclosure dates and the fact that many of these deals are structured with "up to" ceilings rather than amounts fully 
drawn. 
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Relationship Structure Disclosed figures (as reported) Reciprocal commitment 

NVIDIA → OpenAI 
Equity + 
financing 
guarantee 

Up to $100bn equity investment; 
separately, a financing guarantee 
for OpenAI's Ohio data-centre 
campus reported between 
~$100bn and a peak $250bn 
proposal before being scaled back 

OpenAI pledges to 
purchase millions of 
NVIDIA chips / compute 
capacity 

NVIDIA → CoreWeave Majority equity 
stake 

91% ownership stake (Columbia 
GSB); BIS working paper shows 
~$1bn equity + ~$4.5bn linked 
commitments (June 2026 
snapshot) 

CoreWeave leases GPU 
capacity back to NVIDIA's 
own customers, incl. 
$22.4bn in OpenAI 
agreements (2025) 

NVIDIA + Microsoft → Anthropic Joint equity 
investment 

Up to $15bn combined 
(Bloomberg graphic) 

Anthropic steps up chip 
and cloud-capacity 
purchases from both 

Microsoft → OpenAI Equity stake 
~$13bn+ equity; 27% stake in 
restructured OpenAI (Bloomberg 
graphic, Microsoft $3.7tn market 
value, Nov. 2025) 

OpenAI becomes a key 
Azure cloud-services 
customer 

Amazon / Google → Anthropic Equity stakes 

Amazon ~$8bn (Columbia GSB) 
/ ~$25bn (BIS WP1367); Google 
~$100bn-scale purchase-
commitment figures shown in 
BIS network data 

Anthropic purchases AWS 
and Google Cloud/TPU 
capacity 

AMD → OpenAI 
Equity warrants 
for purchase 
commitment 

Warrants on up to 160 million 
AMD shares; ~$90bn total deal 
value (Columbia GSB) 

OpenAI commits to deploy 
6 gigawatts of AMD GPU 
hardware by 2030 

Oracle → OpenAI 
Cloud 
infrastructure 
deal 

$300bn cloud infrastructure 
agreement 

OpenAI compute purchase 
commitment; Oracle in turn 
"spends tens of billions" on 
NVIDIA chips 

Oracle / SoftBank — Stargate JV Joint venture / 
capex 

Over $300bn in cumulative 
spending disclosed across 5 U.S. 
sites 

OpenAI is the anchor 
tenant/customer of the 
resulting capacity 

Amazon → OpenAI Cloud contract $38bn AWS contract Direct compute purchase, 
not equity-linked 

Google/Amazon/JPMorgan/Goldman 
→ Anthropic (Hut 8/Fluidstack) 

Guaranteed 
project financing 

$8bn data-centre project; 
financing guaranteed by Google, 
which is itself an Anthropic 
investor and supplier 

Illustrates cascading 
counterparty risk beyond 
the primary chipmaker-
hyperscaler-lab triangle 

Table 3. Disclosed circular-financing relationships as of mid-2026. Compiled from BIS Working Paper No. 1367 ("The AI Investment Race," 
Fig. 1b, June 2026 snapshot), Bloomberg News circular-deals infographic (Nov. 18, 2025), Columbia GSB (Blotnick, Nov. 2025), and 
Deutsche Welle. The BIS working paper totals disclosed network-wide equity investment at approximately $46bn against approximately 
$879bn in multi-year purchase commitments — an roughly 19:1 ratio of purchase-commitment leverage to hard equity capital. 

4.3 The Harvard Business School Framing: Four Signature Structures 
A forthcoming Harvard Business School teaching case (Korganbekova, Serafeim and Pinckney, HBS Case 126-
038, May 2026) organizes the same phenomenon around four representative deal structures, each producing distinct 
accounting consequences: Microsoft–OpenAI, Amazon–Anthropic, AMD–OpenAI, and NVIDIA–CoreWeave. 
The case's own framing captures the analytical tension running through this entire briefing: 
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“By early 2026, hyperscalers like Microsoft and Amazon were investing billions in frontier AI labs 
such as OpenAI and Anthropic, which used the capital to buy cloud computing from those same 
hyperscalers, who in turn directed record capital expenditures to NVIDIA, which had begun investing 
in cloud providers like CoreWeave... [the question is] whether they were building the infrastructure of 
the future or simply passing the same dollars in a circle.” 
  — Korganbekova, Serafeim & Pinckney, HBS Case 126-038 

 

4.4 The Formal Model: How Much Does Circularity Actually Distort Investment? 
 

BIS Working Paper No. 1367 (Rungcharoenkitkul, July 2026) is the only source in this set that formally models 
circular financing's effect on investment levels and bust probability, treating the AI build-out as a contest in which 
coalitions of hyperscalers and AI labs over-invest to win a small number of dominant market positions. Its central 
findings: 

• Over-investment relative to an efficient ("planner") benchmark is estimated at 1.3x to 1.5x at central 
calibration, rising to as much as 3x under plausible assumptions about demand elasticity (the sector's 
"returns to scale" parameter, β). 

• The endogenous probability of a bust is calibrated at close to 50% — "close to even odds" — at baseline 
parameters, driven primarily by the pace of front-loaded, debt-financed commitment rather than by the size 
of the over-investment wedge itself. 

• Bust severity is highly sensitive to leverage. A contest-driven equilibrium bust is modeled to destroy $378 
billion, of which more than three-quarters ($293bn) comes from fire-sold, debt-financed capital — versus 
only $85 billion in the lower-leverage "planner" benchmark bust, at a similar underlying probability. 
Weighted by the ~50% bust probability, expected annual committed-capital destruction is estimated at 
roughly $189 billion. 

• Net economic surplus turns negative in expectation once cumulative build-out reaches approximately 
$3 trillion — squarely within the $3–4 trillion range both NVIDIA's own CEO and Goldman Sachs analysts 
already project for 2030. At $4 trillion in cumulative capex, the model estimates the probability of remaining 
in "boom" (i.e., avoiding a bust) falls to roughly 12%. 

• Network contagion is nonlinear. In the paper's stylized cascade simulation, a hypothetical failure of one AI 
lab spreads to its two "thinnest" backers at low build-out scale, but reaches major hyperscaler backers once 
scale exceeds roughly 1.6–2.3x the planner-efficient level — a range the paper notes "straddles" the scale 
implied by the industry's own $3–4 trillion guidance. 

 

The paper's own summary captures the mechanism succinctly: "An AI boom creates fragility that undermines itself. 
The more capacity the sector builds, the higher the productivity bar it must clear to sustain the boom, so a larger 
boom is both more likely to disappoint and more damaging when it does... The equity stakes behind circular 
financing add to that fragility rather than diversifying it away." 
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5. Full-Spectrum Risk Analysis 
This section works through six risk categories in turn — credit risk, circular trade and financing risk, technology 
obsolescence risk, compliance and regulatory risk, financing risk, and insurance risk gaps — before summarizing 
all six on a single qualitative risk matrix (Figure 6). 

5.1 Credit Risk 
Credit risk in this ecosystem is best understood in three tiers. Tier one is the hyperscalers themselves — Microsoft, 
Amazon, Alphabet and Meta retain, in Moody's own words, "among the strongest corporate balance sheets globally" 
and face no imminent downgrade threat, even as their collective direct debt (with Oracle and CoreWeave) reached 
$460 billion and off-balance-sheet data-centre lease commitments ballooned to $1.2 trillion, per Moody's July 2026 
warning. Tier two is Oracle, rated Baa2 with a negative outlook — two notches above high-yield — reflecting 
the most debt-intensive capital structure among the major hyperscalers. Tier three is the neocloud layer, 
exemplified by CoreWeave: rated Ba3 (high-yield), carrying $14 billion in debt with nearly a third due in 2026 
against only $5 billion in 2025 revenue, and trading with actively widening credit-default-swap spreads that signal 
rising market-perceived default risk. 

The Bank for International Settlements formally tracks this risk through a basket of 14 "AI-firms with BBB or 
greater long-term credit rating" — Alibaba, Alphabet, Amazon, AMD, Baidu, Broadcom, Intel, Meta, Microsoft, 
NVIDIA, Oracle, SK Hynix, Tencent and TSMC — whose five-year CDS spreads it reports have "already begun 
to widen somewhat," reflecting rising perceived credit risk across the group as a whole, not just its weakest 
members. Notably, NVIDIA sits inside this formal BIS credit-surveillance basket alongside the hyperscalers, even 
though BIS's own hyperscaler-capex methodology (five firms: Alphabet, Amazon, Meta, Microsoft, Oracle) 
classifies NVIDIA purely as a chipmaker/supplier — an inconsistency this briefing returns to in Section 7. 

Moody's identifies six companies whose credit quality is under the most direct threat from the capex spree: 
Microsoft, Amazon, Alphabet, Meta, Oracle and CoreWeave — the immediate pressure concentrated on the two 
lowest-rated names. Separately, Moody's warned in June 2026 that the rapid expansion of data centres is also driving 
up credit risk for state and local governments, which are absorbing infrastructure demands (grid capacity, water, 
tax-incentive exposure) that outpace their fiscal planning cycles. 

Key credit-risk data points 

Metric Figure Source 

Combined direct debt: Microsoft, Amazon, Alphabet, 
Meta, Oracle, CoreWeave $460bn Moody's, July 2026 

Off-balance-sheet data-centre lease commitments (same 
six firms) $1.2tn Moody's, July 2026 

Off-balance-sheet lease commitments (Big-5, Moody's-
cited figure) $662bn BIS Working Paper 1367, citing 

Moody's 

SPV debt not on tech companies' books (industry-wide) ≥$120bn Financial Times, Dec. 24, 2025 

Data-centre debt securitized as ABS/CMBS in 2025 >$20bn Vanderbilt Policy Accelerator, 
citing multiple press sources 

CMBS/ABS linked to data-centre financing $13bn (2021) → $49bn 
(2025) 

Goldman Sachs credit strategy 
team 
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Metric Figure Source 

GPU-backed loans (neoclouds borrowing against GPU 
collateral) >$20bn Vanderbilt Policy Accelerator 

Oracle credit rating Baa2, negative outlook Moody's, cited in web research, 
Jul. 2026 

CoreWeave credit rating Ba3 (high-yield) Moody's, cited in web research, 
Jul. 2026 

 

5.2 Circular Trade & Financing Risk 
Circular financing is analyzed in depth in Section 4; the risk-specific points are summarized here. The core concern, 
articulated across nearly every source, is revenue-quality distortion: when a chip vendor or hyperscaler invests 
capital in a customer that immediately redeploys that capital to purchase the investor's own products, reported 
revenue may reflect a closed loop rather than external demand. The Columbia GSB note states this plainly: "When 
a chip vendor invests billions in a customer that immediately uses those funds to purchase the vendor's products, 
the transaction generates revenue without creating genuine economic value outside the closed loop." 

The clearest historical antecedent — cited independently by the Vanderbilt paper, Goldman Sachs' Eric Sheridan, 
and the Columbia GSB note — is the Global Crossing / Qwest "capacity swap" scandal of 2001–02, in which 
telecom carriers exchanged network capacity with one another and both sides booked the exchange as revenue, with 
no cash actually changing hands; this became the subject of a Congressional hearing ("Capacity Swaps by Global 
Crossing and Qwest: Sham Transactions Designed to Boost Revenues?", 2002). No source reviewed for this briefing 
alleges that today's circular AI deals involve comparable accounting fraud — all are disclosed, cash-settled 
transactions — but several draw the parallel as a cautionary structural analogy rather than an accusation. 

A second, more technical concern is disclosure opacity at the margin. The Columbia GSB note observes that 
NVIDIA's roughly $1 billion in 2024 AI-startup investments (direct plus its NVentures arm) consisted of "numerous 
small deals [that] fall below disclosure materiality thresholds individually but may be collectively substantial" — 
meaning the full scope of a chipmaker's circular investment exposure may not be fully visible even to sophisticated 
analysts working from public filings. The Vanderbilt paper's proposed policy response — a so-called "Glass-
Steagall for AI," modeled on the 1969 IBM antitrust unbundling of hardware and software — would require 
structural separation between AI model companies and the physical infrastructure/chip/cloud companies that finance 
them; NVIDIA's dozens of investments in AI model and application companies are cited as the paper's first 
illustrative example of what would be forced to unwind. 

5.3 Technology Obsolescence Risk 
This risk sits at the intersection of accounting and engineering. Goldman Sachs' economics team estimates an 18% 
annual depreciation rate for current-generation AI capex — semiconductors and servers comprise $112 billion of 
a $240 billion U.S. AI national-accounts spending base — against a standard 5-year assumed useful life for tech 
equipment on hyperscaler balance sheets. The mismatch matters because GPU generational cycles (NVIDIA's own 
Blackwell-to-Blackwell-Ultra-to-next-generation cadence) are widely understood to run closer to 1–2 years for 
frontier performance, even if hardware remains technically functional for longer. GS's own credit strategists flag 
this directly as a risk for structured-credit (ABS/CMBS) investors in data centres: "hardware in the ever-advancing 
technology industry will naturally need replacing." 
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The Vanderbilt paper documents that "some financial experts are starting to see an accounting discrepancy in how 
companies have shifting depreciation schedules for GPUs, which each company has changed over time in ways not 
matching how buying and technological trends have shifted" — citing a Wall Street Journal investigation ("The 
Accounting Uproar Over How Fast an AI Chip Depreciates," December 2025) and investor Michael Burry's public 
commentary on the same theme. BIS Working Paper 1367 models this as a distinct, additive risk to fire-sale losses 
in a downturn: "secular GPU obsolescence" is treated as "a separate, additive force," meaning realized capital 
destruction in a bust scenario could exceed the paper's headline fire-sale-loss estimates once obsolescence effects 
are layered in. 

A second and more strategic dimension of obsolescence risk is custom silicon. Microsoft's Maia accelerators, 
Google's TPUs, and Amazon's Trainium/Inferentia chips all represent hyperscaler efforts to reduce dependence on 
NVIDIA's GPUs. The Columbia GSB note flags the resulting exposure for NVIDIA specifically: "If hyperscalers 
successfully transition to in-house chips, Nvidia's vendor financing becomes direct equity exposure to customers 
building competitive alternatives" — a point developed further in Section 7. 

Finally, at the model-architecture level, BISI's report raises the possibility that current transformer-based large 
language models could themselves prove obsolete: "current AI architectures, particularly large transformer-based 
models, [may] prove transitional, with potential alternative architecture breakthroughs rendering today's capacity 
obsolete before achieving full return on investment," and that scaling laws — the empirical relationship between 
compute, data and model performance that has justified the buildout's economics — could hit "an upper limit," a 
plateau that "would sharply reprice expectations." Gary Marcus of NYU makes a related, sharper-edged version of 
the same point in the Goldman Sachs report, noting that Microsoft CEO Satya Nadella's own public 
acknowledgment that "these scaling laws might not be physical laws of the universe" marked what Marcus calls a 
turning point in industry sentiment. 

 

5.4 Compliance & Regulatory Risk 
Four distinct compliance/regulatory threads run through the source material: 

• State subsidy "race to the bottom." The Vanderbilt paper documents roughly 40 U.S. states competing on 
data-centre tax subsidies — one Missouri example allowed a project creating just 10 jobs and investing $25 
million to qualify for a 100% exemption from state and local sales and use taxes. Several states (Georgia, 
Virginia, Ohio, Illinois) have begun rolling back exemptions as fiscal costs and public pushback mount. 

• Implicit federal backstop / moral hazard. Executive Order 14318 encourages federal financial support — 
loans, guarantees, grants, tax incentives, offtake agreements — for data-centre projects, which the Vanderbilt 
paper and an AI Now Institute op-ed (Sarah Myers West and Amba Kak, in the Wall Street Journal) both 
characterize as the federal government "already bailing out the AI industry" through subsidy and policy 
channels, well before any formal crisis has occurred. 

• Antitrust / market-concentration exposure. Three companies (Anthropic, OpenAI, Google) account for an 
estimated 88% of foundation-model revenue (Menlo Ventures); three companies (Amazon, Microsoft, 
Google) account for roughly 63% of cloud-computing revenue (Synergy Research Group); and NVIDIA 
holds an estimated ~95% share of the AI-accelerator chip market. The Vanderbilt paper frames this 
concentration as approaching natural-monopoly/oligopoly territory warranting utility-style regulation, and 
separately flags NVIDIA's CUDA software platform — its principal competitive moat — as a plausible 
future target of "interoperability" regulation. 
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• Proposed structural reform. The most consequential regulatory idea surfaced in the source set is the 
Vanderbilt paper's proposed "Glass-Steagall for AI" — structural separation of AI model companies from 
the physical infrastructure, chip and cloud companies that finance them, modeled on the 1969 IBM antitrust 
hardware/software unbundling — alongside a proposed ban on circular equity financing specifically, utility-
style regulation of chips/cloud/foundation models, and a new federal digital regulatory agency. None of 
these proposals had been enacted or formally introduced as pending legislation as of the source material's 
publication dates. 

 

Separately, both the BIS Annual Economic Report and the Vanderbilt paper flag cyber and export-control risk: 
BIS notes that "frontier AI models lower the cost and accelerate the pace of cyber attacks," creating a compliance 
dimension tied to the financial system's dependence on a small number of technology providers, while Allianz 
Research flags geopolitical chokepoints — South Korea and Taiwan's dependence on Qatari LNG and helium for 
semiconductor fabrication, and broader U.S.–China export-control tensions — as a source of potential compliance 
and supply-chain disruption. 

 

5.5 Financing Risk — A Deep Dive into Private Credit's Exposure to Data Centre Debt 
Financing risk overlaps with credit risk but is distinguished here by its focus on structure and opacity rather than 
counterparty solvency per se. J.P. Morgan's own capital-stack analysis (cited in the Vanderbilt paper) walks through 
the layers available to fund an estimated ~$5.3 trillion in AI infrastructure investment over five years — cash, 
equity, structured debt, high-grade bonds, and leveraged finance — and finds these conventional sources still leave 
a gap of roughly $1.4 trillion labeled "Need for Alternative Capital/Government." Morgan Stanley's 
independent, more granular estimate arrives at a similar conclusion by a different route: cumulative global data-
centre capex of ~$2.9 trillion between 2025 and 2028, of which hyperscaler operating cash flow funds roughly 
$1.4 trillion, leaving a ~$1.5 trillion financing gap — split by Morgan Stanley into an estimated $800 billion in 
private credit, $200 billion in corporate debt, $150 billion in ABS/CMBS, and $350 billion across private 
equity, venture capital, bank lending and other sources. Private credit is, on this estimate, the single largest 
external financing channel for the entire AI buildout — larger than the public corporate-bond and securitization 
markets combined. 
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The two lending strategies 
Private credit funds anchor the AI infrastructure capital stack through two structurally distinct lending strategies, 
with very different risk-return profiles: 

Credit vector Real estate / "shell" infrastructure debt Equipment / GPU-backed debt 

Typical loan pricing SOFR + 350–500 bps (lower-risk spread) SOFR + 550–800+ bps (high-yield spread) 

Primary collateral Fee-simple land, warehouse real estate, grid 
substations 

Specialized silicon chips, server racks, 
network switches 

Terminal asset value High and stable — reusable for alternative 
industrial/logistics use 

Low and volatile — dependent on NVIDIA's 
product-launch roadmap 

Primary risk factor Civil permitting, local regulatory resistance, 
grid-connection delays 

Single-tenant contract default and technical 
obsolescence 

Table 5. "Shell" real estate/infrastructure lending targets SPVs that acquire land and build the physical warehouse and utility substations, 
secured by the underlying real estate. "Core" equipment lending is newer and higher-yield: direct lenders issue multibillion-dollar Delayed 
Draw Term Loans (DDTLs) directly to neocloud providers — CoreWeave's roughly $8.5 billion facility in early 2026 is a widely cited example 
— collateralized by the physical GPUs plus a pledged offtake contract from an enterprise customer or hyperscaler. 

Structural vulnerabilities inside private-credit portfolios 
• The depreciation trap. Private-credit facilities are routinely underwritten with 5-to-7-year amortization 

schedules, while advanced AI accelerators operate on an aggressive 18-to-24-month hyper-obsolescence 
cycle (Section 5.3). If a sub-investment-grade neocloud defaults in year three of a loan, the lender is left 
holding thousands of outdated chips that have lost a large share of their resale value — a direct structural 
mismatch between debt maturity and collateral life. 

• Shadow concentration behind the appearance of diversification. Institutional allocators often assume 
they are buying a diversified basket of real-estate and infrastructure debt across geographically separate data-
centre projects. In reality, the cash-flow funnel of nearly every SPV in the space traces back to long-term 
capacity leases signed by the same small handful of tenants — Microsoft, Google, Meta, Amazon and 
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Oracle. An investor holding several ostensibly diversified private-credit allocations may unknowingly hold 
concentrated aggregate exposure to one or two megacap tenants; Moody's and other risk observers warn that 
a single hyperscaler capex reduction or credit event would impair data-centre cash flows across 
geographically unrelated projects simultaneously. 

• The power-constraint execution bottleneck. The Bank for International Settlements and direct-lending 
scorecards both identify grid interconnection — not capital availability — as the binding constraint on new 
capacity. Developers draw private capital to acquire land and build the physical shell, but multi-gigawatt 
utility interconnections routinely face multi-year backlogs or local moratoriums. A facility that is physically 
complete but cannot draw power generates no rental income to service debt typically priced at SOFR + 400–
600 bps, straining developer liquidity precisely when interest coverage is most needed. 

• Bank offloading via Significant Risk Transfer (SRT). Tier-one commercial banks, increasingly wary of 
concentrated long-duration construction-debt exposure on their own balance sheets, have used SRT 
synthetics and discounted secondary sales to shift the first-loss and mezzanine exposure of unfinished data-
centre projects onto unregulated private-credit funds and insurance-company portfolios — concentrating the 
systemic downside of any AI-infrastructure correction inside the shadow-banking sector specifically. 

Structural safeguards private-credit managers use 
In response to these vulnerabilities, private-credit managers have built a protective toolkit of covenant structures 
designed to insulate senior lenders from a sudden correction: 

• Trapped cash sweeps. If a developer's Interest Coverage Ratio (ICR) falls below an agreed floor — 
commonly cited around 1.25x — or an anchor tenant's lease approaches expiration (within roughly 18 
months) without renewal, the loan triggers a 100% cash sweep: all excess operating cash flow is redirected 
from equity holders to principal paydown. 

• Hyperscaler downgrade triggers. If an anchor cloud tenant (e.g., Oracle) suffers a credit downgrade 
toward speculative grade, covenants typically require the borrower to fund a cash-reserve escrow equal to 
roughly 12–24 months of debt service; failure to fund the escrow constitutes an automatic event of default, 
allowing the lender to accelerate the loan. 

• DDTL drawing moratoriums. For Delayed Draw Term Loans funding multi-phase builds, capital is not 
deployed all at once. If a developer misses power-grid connection deadlines or fails to reach a pre-leasing 
threshold (commonly around 70% for Phase 1), the manager can freeze remaining draws entirely — 
stranding the project but protecting the fund's remaining capital. 

• Accelerated LTV resets. In GPU-backed lending, loan-to-value ratios are recalculated on a rolling quarterly 
or semi-annual basis. If a new chip generation depresses the secondary-market liquidation value of the 
pledged collateral pool, the borrower must make a mandatory principal prepayment to restore compliance — 
a mechanism that directly transmits NVIDIA's own product cadence into neocloud borrowers' cash-flow 
obligations. 

Regulatory scrutiny: the Federal Reserve, SEC and BIS 
Because private lenders are not subject to the public disclosure regime that governs commercial banks, all three of 
the Federal Reserve, the SEC and the Bank for International Settlements have sharpened their focus on this market 
during 2026. The Federal Reserve's May 2026 financial-stability report devoted a dedicated feature box to 
"Developments in Private Credit" — itself a signal the market has moved from background concern to a front-of-
mind supervisory issue. Fed and FDIC analysis traces a "double leverage" contagion channel: loans to non-
depository financial institutions (NDFIs, which include private-credit funds, hedge funds, mortgage originators, 
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BDCs and structured-finance platforms) have grown from $56.3 billion in 2010 to more than $1.47 trillion, with 
total industry NDFI exposure — loans plus undrawn commitments — reaching $2.55 trillion as of Q4 2025, equal 
to 116% of total industry equity of $2.20 trillion. The FDIC's 2026 Risk Review separately identifies NDFI 
interconnectedness as a primary systemic-risk channel: in a downturn, distressed NDFIs could simultaneously draw 
down committed bank credit lines while the value of bank-held collateral against those same lines collapses. 

The SEC's scrutiny centers on valuation opacity: because private debt does not trade on public exchanges, managers 
mark data-centre loans using internal models, at times carrying positions near par even where grid delays or chip 
obsolescence suggest a materially lower true recovery value. In a separate but related development directly relevant 
to disclosure, the SEC's Office of Structured Finance issued an interpretive letter on July 29, 2026 confirming that 
securities issued in data-centre securitizations do not qualify as "asset-backed securities" under Section 3(a)(79) of 
the Securities Exchange Act of 1934 — the SEC's stated rationale being that a data centre is not a financial asset 
that amortizes over time the way a loan or lease does. The practical effect is that data-centre securitization (DCS) 
issuers are exempt from Regulation AB's pool-level disclosure and ongoing-reporting requirements, from Form 
ABS-EE filings, and from the Dodd-Frank Section 941 credit-risk-retention rule that otherwise requires ABS 
sponsors to retain a 5% economic interest in what they securitize. This exemption meaningfully expands the pool 
of investors who can access data-centre debt while reducing the transparency available to them. 

The BIS, for its part, has focused on what commentators call the "denominator effect" and the underlying liquidity 
mismatch in private credit: many funds offer periodic investor redemptions — commonly capped around 5% of 
assets per period — against fundamentally illiquid, multi-year underlying assets. When redemption demand spikes, 
funds are structurally forced to ration withdrawals rather than meet them; Blackstone's BCRED vehicle navigating 
a reported $3.7 billion redemption wave in April 2026 is a concrete, recent illustration of exactly this dynamic, 
echoing the Blue Owl redemption pressure already noted in this report. 

How ABS packages route this risk to pension systems 
To recycle capital for further lending, private-credit managers and data-centre operators increasingly pool loans, 
tenant leases and GPU-financing agreements into off-balance-sheet SPVs and issue tranched Asset-Backed 
Securities against the resulting cash flows — a securitization "conveyor belt" that moves concentrated AI-sector 
risk from specialist private lenders into mainstream, conservatively mandated capital pools, including public 
pension systems. 

 
Figure 9. How data-centre loans are pooled, tranched and distributed. Senior (AAA/AA) tranches are paid first and carry the lowest 
yield; losses are absorbed bottom-up, hitting the unrated equity tranche first, then mezzanine, and only reaching senior tranches in a 

severe downturn. Diagram by the author, adapted from the securitization mechanics described in the source material. 

Senior tranches are paid first and carry investment-grade ratings precisely because mezzanine and equity tranches 
absorb the first losses; mezzanine tranches carry middle risk and yield; the unrated equity/residual tranche absorbs 
first losses and is typically retained by the sponsor or sold to specialist distressed-debt buyers. Public pension funds 
— bound by mandates that generally restrict them to investment-grade, highly rated instruments — buy the senior 
AAA tranches, on the understanding that they are purchasing safe, stable infrastructure paper. If systemic AI 
monetization stalls and defaults spread among neocloud providers and data-centre operators, losses tear through the 
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thin equity and mezzanine cushion first; only once those layers are exhausted does impairment reach the senior 
tranches held directly by retirement systems serving millions of ordinary workers. 

Recent data-centre ABS issuances and their credit ratings 
Issuance volume has risen sharply through 2026. Three recent, well-documented transactions illustrate both the 
scale of the market and the range of credit outcomes: 

Issuance Rating 
agency Size & structure Key credit terms 

Aligned Data Centers 
Issuer LLC, Series 
2026-1 

S&P Global 
Ratings 

$1.183bn (upsized ~30% from an initial 
$905m target); the fifth issuance of 
Aligned's master trust, refinancing all 
prior outstanding series 

Structural protections include a $36.9m 
cash-reserve account and covenant 
triggers at 1.35x (cash-trap) and 1.20x 
(Class A amortization) three-month-
average debt-service coverage ratio 
(DSCR) 

DataBank Issuer LLC / 
DataBank Co-Issuer 
LLC, Series 2026-1 

KBRA 

Secured by 36 co-location data centres 
generating ~$433.0m in Total 
Annualized Monthly Recurring 
Revenue; the fifth ABS issuance under 
this master trust, used partly to 
refinance the 2021-1 series 

KBRA affirmed ratings on the 
outstanding 2021-2, 2023-1 and 2024-1 
series concurrently with the new issuance 

Compass Datacenters 
Issuer III LLC 
(Brookfield-backed), 
Series 2026-2 

Moody's 
Ratings 

$830m securitization of six hyperscaler-
leased data centres (five in Phoenix, one 
in Toronto) 

The first hyperscale data-centre ABS to 
receive a AAA rating from a major 
agency: $500m of the $830m was rated 
AAA, with remaining tranches at Aa3 
and A2; the AAA tranche carried a loan-
to-value ratio of roughly 31.5% 

Table 6. Selected 2026 data-centre ABS issuances. Figures independently verified against agency and financial-press reporting; see References. 

The AAA rating on the Compass Datacenters tranche is notable precisely because it is a first: Moody's had not 
previously assigned a AAA or AA rating to a hyperscale data-centre ABS offering. Ratings of this caliber rest 
heavily on long-dated (often 15-year) anchor leases with investment-grade hyperscaler tenants and conservative 
loan-to-value ratios — meaning the rating reflects tenant credit quality and lease duration more than the liquidation 
value of the underlying physical assets, a distinction that matters if a tenant's own credit profile deteriorates (Section 
5.1) or if the SEC's July 2026 disclosure exemption (discussed above) results in looser pool-level transparency 
across future issuances than investors have historically expected from rated ABS. 

5.6 Insurance Risk Gaps 
Swiss Re Institute's March 2026 sigma study — the most detailed insurance-specific source reviewed for this 
briefing — frames the core problem as one of value accumulation outpacing underwriting capacity. Average 
insured data-centre project values have grown from roughly $150 million to approximately $3 billion over the 
past five years, and full construction costs for a single hyperscale site can now exceed $20 billion, doubling again 
once GPUs and other technology are installed. Global data-centre insurance premiums are forecast to rise from 
$10.6 billion (2026) to $24.2 billion by 2030 — but Swiss Re is explicit that "the re/insurance industry can only 
support a fraction of this limit at competitive rates for traditional construction risk policies," forcing insurers toward 
Estimated Maximum Loss (EML) and Probable Maximum Loss (PML) underwriting approaches that leave a 
structural gap between the full replacement value financing institutions demand coverage for, and what carriers can 
actually place. 
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Six emerging physical-risk drivers identified by Swiss Re 

 

• Catastrophe-zone concentration. Land and renewable-energy requirements are pushing new data centres 
into higher natural-catastrophe-exposed locations. Swiss Re's modeling finds over a quarter of U.S. data-
centre capacity may sit in locations experiencing three or more large-hail days per year, and roughly 40% 
of capacity in significant-to-very-high tornado-day zones. Clustering — as seen in Abilene, Texas and parts 
of Virginia, where multiple sites sit within a ~20-mile radius — means a single regional catastrophe can hit a 
concentrated pool of insured value at once. 

 

• Lithium-battery fire risk. Battery backup units (BBUs) integrated into server racks create "an ignition 
source that did not previously exist" in data-processing equipment rooms. FM Global's 15-year loss study 
found fire caused only 10.9% of loss events but 42.3% of loss costs. Cited recent incidents include a 
September 2025 BBU failure at a South Korean government data centre that triggered an explosion crippling 
647 government services, and a September 2024 lithium battery thermal-runaway fire at a Digital Realty 
facility in Singapore that burned over 36 hours and heavily impacted Alibaba Cloud. 

 

• Liquid-cooling "escaped liquids" exposure. High-density GPU racks have driven a shift from air to direct-
to-chip liquid cooling. Liquid-related losses now represent nearly 24% of total data-centre loss costs in 
FM Global's data — split between sprinkler-related fire losses (9.3%) and new escaped-liquid damage from 
cooling-system installation and maintenance issues (about 10%). 

 

• Power-sourcing risk. Power supply accounts for 45% of data-centre outages (Uptime Institute). AI racks 
can require over 100 kilowatts versus 5–15 kilowatts for traditional servers. An estimated 30% of planned 
U.S. data-centre capacity may include on-site power generation, and developers are exploring restarting 
decommissioned nuclear plants — introducing hazard categories (on-site gas turbines, battery energy storage 
systems with fire/explosion/toxic-gas risk) that have not historically been core underwriting concerns for 
data-centre risk. 

 

• Cyber risk. Growing internet connectivity of operational technology — power, cooling, security and 
monitoring systems — is creating new cyber vulnerabilities even at hyperscaler-operated facilities 
historically perceived as lower-risk due to tighter infrastructure control. 

 

• Concentration / correlated-loss risk. Large data centres are often insured across multiple separate 
programs (building, equipment, power plant), making total capacity accumulation difficult for carriers to 
track — creating the potential for a single loss event to trigger claims across several ostensibly independent 
insurance programs simultaneously. 

 

Swiss Re's underwriting conclusion is a fitting bridge to the report's risk-management section: "Insurers have deep 
experience with traditional data centres, but only a few large, next-generation facilities are fully operational yet, 
making empirical loss experience limited... underwriting success depends not only on capacity, but on specialised 
technical assessment and disciplined accumulation management." In plain terms: the insurance industry is being 
asked to underwrite a new category of infrastructure risk before it has accumulated the loss history that normally 
prices that risk. 
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5.7 Risk Matrix Summary 

 
Positioning on Figure 6 reflects the author's qualitative synthesis of the source material reviewed for this briefing, 
not a quantitative model. Circular trade and financing risk and credit risk are placed highest on both likelihood 
and severity given the volume of corroborating detail across nearly every source, including formal BIS modeling. 
Financing-structure risk (SPV opacity, private-credit concentration) sits close behind. Technology obsolescence 
risk and insurance risk gaps are judged moderately likely with meaningful but more contained severity — 
insurance-market strain is a real and growing problem, but is more likely to manifest as rising premiums and 
coverage restrictions than as a systemic shock. Compliance/regulatory risk is judged lowest on both axes in the 
near term, reflecting that most of the proposed structural reforms discussed in Section 5.4 remain proposals rather 
than enacted law as of this writing — though this could change quickly if a credit event crystallizes political urgency. 
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6. The Dot-Com Parallel: How Similar, How Different 
Every source reviewed for this briefing invokes the dot-com boom and bust (roughly 1995–2002) as the natural 
historical comparison for the current AI cycle — most explicitly the Bloomsbury Intelligence and Security Institute 
report, which structures its entire analysis around the parallel, and the Bank for International Settlements, which 
places the AI boom in a five-episode historical lineage of speculative infrastructure manias. This section works 
through where the comparison holds, where it breaks down, and what that implies. 

6.1 Historical Lineage: A Recurring Pattern 
The BIS Annual Economic Report's own framing is the most authoritative historical anchor in the source set. Its 
Graph 11.C plots five episodes of technology-driven investment mania as multiples of each episode's pre-boom 
investment trough: the canal mania of the 1830s, the British railway mania of the 1840s, the electrification 
exuberance of the "Roaring Twenties," the dot-com boom of the late 1990s, and the current AI hyperscaler capex 
boom, measured from its 2023 pre-boom trough. BIS's own words on the pattern are unambiguous: 

“The canal mania of the 1830s, the British railway mania in the 1840s, the electrification exuberance 
of the late 1920s (roaring 20s) and the dotcom boom of the late 90s all shared one common trait: a 
genuine technological breakthrough that attracted capital in excess of what commercial returns could 
ultimately justify. These episodes ended with an eventual reversal in investment, inducing economy-
wide recessions. The scale and pace of the current AI investment boom accompanied by expectations 
of large productivity payoffs bear resemblance to these precedents, highlighting potential downside 
risks in the near term.” 
  — Bank for International Settlements, Annual Economic Report 2026, Chapter I 

BIS Working Paper 1367 adds a specific, striking data point: relative to its own pre-boom trough, the AI hyperscaler 
capex boom is "on track to outgrow every previous episode only three years in" — meaning that on a like-for-like 
basis (years since the investment trough that preceded each mania), the current cycle has already surpassed the 
growth trajectories of the canal, railway, roaring-twenties and dot-com episodes at the equivalent early stage. 
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6.2 Valuation Multiples: Calmer Than 2000 
On pure valuation metrics, the current AI boom looks considerably less extreme than the dot-com peak. Goldman 
Sachs' Peter Oppenheimer finds the Magnificent Seven's median 24-month forward P/E of roughly 25x is about 
half the equivalent multiple for the biggest seven companies at the dot-com peak; the PEG ratio (forward P/E 
relative to trailing three-year EPS growth) stands at roughly 1.6x today versus 3.7x at the dot-com peak; and the 
market-implied long-term earnings growth priced into the S&P 500 sits at 10% today versus 16% at the 2000 
Tech Bubble peak. IPO activity tells a similar story: 51 IPOs over $25 million priced in 2025 (year-to-date at the 
time of the GS report) versus 388 in 1999, with average first-day returns of 30% versus 65% in 1999. 

 
Structurally, Goldman Sachs' Kash Rangan and Byron Deeter both point to a fundamental difference in financing 
composition: today's capex is funded predominantly from hyperscaler operating cash flow, not pure debt as in the 
fibre-optic buildout of the late 1990s. Sheridan concurs that "most of the Mag 7 continue to generate outsized free 
cash flows, engage in stock buybacks, and pay dividends — behavior seldom seen during the Dot-Com Bubble." 
Allianz Research's leverage data supports this: total debt among the top U.S. capex providers stood at $385 billion 
at end-2025, a leverage ratio it estimates as roughly 20% below the level of "high spender" telecom peers in 2000. 

6.3 Where the AI Boom Looks Larger — and Potentially More Dangerous 
Despite calmer valuation multiples, several sources argue the AI boom exceeds the dot-com era on dimensions that 
matter more for financial stability: 

• Absolute scale. One macro-strategy analysis (MacroStrategy Partnership's "Wicksellian deficit" framework, 
cited via MarketWatch) placed the AI bubble at 17 times the size of the dot-com bubble and 4 times the 
size of the 2008 housing bubble, as of late 2025. 

• GDP concentration. 2026 hyperscaler capex, as a share of GDP, is projected to exceed the peak spending 
share of the Manhattan Project, the postwar electricity grid buildout, the Apollo program, the interstate 
highway system, and the dot-com-era broadband buildout — a claim with no precise equivalent in the dot-
com era itself, where telecom capex, while large, did not reach comparable GDP concentration. 
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• Market concentration. The Magnificent Seven now constitute close to 50% of the S&P 500 by market 
capitalization (BISI) and roughly 35% by a separate Vanderbilt estimate — a materially higher 
concentration than the dot-com era's already-elevated tech weighting, meaning a correction in a small 
number of names would have outsized index-level and household-wealth effects. 

• Financing complexity — equity vs. debt. This is arguably the most consequential structural distinction 
identified across the source set. Dot-com-era vendor financing (Lucent's $8.1bn, Nortel's $3.1bn, Cisco's 
$2.4bn in customer loans) was debt-based: vendors lent customers money to buy their equipment. Today's 
circular financing is predominantly equity-based: chipmakers and hyperscalers take ownership stakes in 
their own customers in exchange for purchase commitments. The Vanderbilt paper argues this is "a new 
form of financial engineering," historically unprecedented at this scale outside the telecom-era debt-vendor-
financing precedent — and, unlike a defaulted loan, an equity stake that goes to zero cannot be worked out 
through standard debt-restructuring mechanisms; it simply destroys value on both sides of the relationship 
simultaneously. 

• Wealth-destruction potential. The Vanderbilt paper estimates a dot-com-magnitude AI bust could wipe out 
over $20 trillion in American household wealth — larger than the dot-com-era hit in absolute terms, 
reflecting today's substantially greater household equity exposure. BIS corroborates the concentration point 
independently: the 30 largest S&P 500 stocks represent 56% of index value (as of March 2026), and U.S. 
stocks account for roughly 64% of the MSCI Global index — meaning a U.S.-led AI correction would 
propagate globally through index-linked capital flows to a greater degree than the more geographically 
contained dot-com bust. 

• Systemic vs. sectoral framing. The Vanderbilt paper's central methodological argument is that the AI 
boom's debt, subsidy and off-balance-sheet opacity could make a correction resemble the economy-wide 
2008 financial crisis more than a contained, sectoral dot-com-style bust — precisely because private-credit, 
insurance and pension-fund balance sheets are already structurally exposed to AI-sector debt through the 
private-credit channel documented in Section 5.5. 

6.4 Where the AI Boom Looks More Solid 
Several genuine differences favor today's cycle. Columbia GSB's comparison finds 1990s fibre-optic networks 
utilized less than 0.002% of installed capacity at the depth of the buildout, whereas Microsoft and AWS report 
actual AI capacity constraints in 2025 — evidence, proponents argue, of real rather than purely speculative 
demand. AI leaders trade at forward P/E ratios around 35x versus roughly 60x for internet leaders in the late 1990s 
(Columbia GSB estimate; Goldman Sachs' figures above, drawn differently, corroborate the same directional gap). 
The top four tech companies generated $451 billion in operating cash flow in 2024 (Columbia GSB) and a 
projected $203 billion in free cash flow after capex in 2025 — a genuine investment capacity absent from the 
largely pre-revenue dot-com cohort. And incumbency in AI is dominated by already-massive, profitable technology 
companies, in contrast to the dot-com era's flood of unproven new entrants funded by public equity markets rather 
than internal cash flow. 

6.5 Legal & Fraud Precedent: What Actually Happened Last Time 
No source reviewed for this briefing alleges that fraud has occurred in the current AI buildout. The value of the 
historical record below is as a structural checklist — the specific mechanisms that turned the dot-com 
infrastructure overbuild into a legal and financial reckoning, several of which have direct structural analogs (not 
accusations) in today's ecosystem, as noted in the right-hand column. 
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Episode What happened Relevance to today's AI buildout 

Enron 
Used off-balance-sheet SPVs to hide debt and 
toxic assets; 30 executives convicted, including 
CEO and President, who served prison time 

Structural analog: hyperscaler SPVs (e.g., Meta's 
$27.2bn Louisiana vehicle) keep debt off primary 
balance sheets — flagged as a "critical audit 
matter" by EY, though the accounting treatment 
was ultimately approved 

WorldCom 
Largest accounting fraud in U.S. history at the 
time; fraudulent capacity swaps; CEO and CFO 
both imprisoned 

No direct analog alleged; cited as the severity 
ceiling of dot-com-era telecom fraud 

Global Crossing 
& Qwest 

"Capacity swap" transactions — companies 
exchanged network capacity and both booked 
revenue with no cash exchanged; subject of a 
2002 Congressional hearing 

Structural analog: circular equity-for-purchase-
commitment deals raise similar revenue-quality 
questions, though today's transactions are cash-
settled and disclosed 

Lucent 
Technologies 

SEC-charged with manipulating $1.148bn in 
revenue and $470m in pre-tax income via 
channel stuffing and hidden return-right side 
agreements (settled May 2004) 

Structural analog: debt-based vendor financing 
precedent for today's equity-based chipmaker 
financing of customers 

Savings & Loan 
crisis (1980s) 

Over 1,000 individuals prosecuted, more than 
800 convicted 

Cited as an earlier precedent for how deregulated, 
rapidly growing credit markets can produce 
systemic fraud exposure 

 

The Vanderbilt paper's recommendation on this point is explicitly precautionary rather than accusatory: it calls for 
the Department of Justice to maintain readiness to "prosecute fraud" given the historical fraud patterns observed in 
comparable bubbles, without alleging that any has occurred. Journalistic commentary quoted in the same paper 
captures the mood without making legal claims: commentator Dave Karpf's remark that today's AI moment "feels 
eerily familiar" to the early 2000s and that "the vibes are turning decidedly Enron-like" is representative of a broader 
tonal shift in coverage during 2025–26, alongside The Guardian's headline framing, "Nvidia Insists It Isn't Enron, 
but Its AI Deals Are Testing Investor Faith." 

6.6 Summary Judgment 
The weight of evidence across sources suggests the current AI boom is neither a simple repeat of the dot-com 
bust nor safely immune from one. Valuation discipline and balance-sheet strength are genuinely better than 2000. 
Scale, concentration, and — most importantly — the shift from debt-based to equity-based circular vendor 
financing are genuinely worse, and represent a financing innovation without a clean historical precedent to draw 
risk-management lessons from. Goldman Sachs' Byron Deeter and Eric Sheridan, debating the same question inside 
the same research report, land in different places without contradicting each other's facts — which is itself the most 
honest summary this briefing can offer: reasonable, well-informed analysts looking at the same data currently 
disagree about whether this is 2000 again. 
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7. NVIDIA Deep Dive: The Shovel Seller's Hidden Burden 
The popular framing of NVIDIA in the current AI cycle borrows from a 19th-century cliché: during a gold rush, the 
surest profits go not to the prospectors but to the merchants selling picks, shovels and blue jeans — a business that 
wins regardless of who strikes gold. Deutsche Welle's own reporting uses almost exactly this framing, headlining 
its section on NVIDIA "King of the Jungle" and noting that other circular deals are "relatively small potatoes 
compared with what AI computing giant Nvidia brought" to the ecosystem. This briefing's central analytical claim 
is that the shovel-seller framing, while intuitively appealing, is now materially incomplete — and that a more 
accurate reading of the disclosed facts places NVIDIA closer to the center of the ecosystem's aggregate financial 
risk than any other single entity, including the hyperscalers themselves. 

7.1 NVIDIA's Scale Today 
As of mid-August 2026, NVIDIA's market capitalization stood at approximately $5.4 trillion, making it the largest 
semiconductor company in the world by market value. Its fiscal 2026 second-quarter results (reported August 2026) 
showed revenue of $46.74 billion, up 55.6% year-over-year, with the Data Centre segment alone generating $41.10 
billion (up 56% year-over-year) and networking revenue nearly doubling to $7.25 billion; management guided 
third-quarter revenue to $54.00 billion. NVIDIA is estimated to hold roughly 95% of the AI-accelerator chip 
market — a concentration level that would, in almost any other industrial context, itself be a significant antitrust 
and single-point-of-failure concern, independent of its financial entanglements. 

7.2 Four Overlapping Exposures 
The reason NVIDIA's risk profile differs qualitatively from a traditional equipment vendor is that it occupies four 
distinct roles simultaneously, each of which would ordinarily be held by separate, unrelated parties in a well-
diversified market structure. 
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① Supplier risk 
NVIDIA's chip revenue is concentrated among a small number of buyers — OpenAI, Microsoft, Meta, Oracle, xAI, 
Amazon and Anthropic collectively represent an outsized share of data-centre GPU demand. A pause or slowdown 
in capital spending at even two or three of these customers would produce a disproportionate revenue shock, a 
standard customer-concentration risk that would apply to any dominant supplier. 

 

② Equity-investor risk 
Beyond selling chips, NVIDIA is a direct equity holder in a large share of its own customer base: up to $100 billion 
pledged to OpenAI; co-investment (with Microsoft) of up to $15 billion in Anthropic; a 91% ownership stake in 
the neocloud CoreWeave; and stakes in Mistral, xAI, SpaceX, Nebius, Nscale and dozens of smaller AI application 
companies (Cursor, Perplexity, Poolside, Uniphore, Hippocratic AI, among others) through its NVentures venture 
arm — described by TechCrunch, as cited in the Vanderbilt paper, as an "AI empire." Many of these individual 
stakes fall below disclosure materiality thresholds and are therefore not fully visible in aggregate even to 
sophisticated analysts. 

 

③ Credit / guarantor risk 
Through mid-2026, NVIDIA was in active discussions to provide a financial guarantee supporting debt financing 
for OpenAI's proposed 10-gigawatt data-centre campus in Pike County, Ohio — a project reported to cost more 
than $500 billion in total. The scale of NVIDIA's proposed guarantee moved substantially during negotiations: 
reporting in late July 2026 (CNBC, Al Jazeera) described talks for a guarantee of up to $250 billion; by early 
August 2026, NVIDIA had reportedly scaled the proposed guarantee back to below $120 billion amid investor 
concern over the scale of financial risk involved, with The Information and Data Center Dynamics separately 
describing a deal converging near $100 billion in credit support. Structurally, this guarantee would not be a direct 
cash investment but a promise to backstop financing arranged by third-party lenders — a contingent liability rather 
than a balance-sheet loan, but one that represents a very real call on NVIDIA's future cash flow if OpenAI's project 
underperforms and lenders invoke the guarantee. NVIDIA was reportedly discussing a related, separate arrangement 
worth as much as $350 billion in AI chips for the same facility. 

 

④ Self-funded demand risk 
The most structurally distinctive of NVIDIA's four exposures is that its own investment activity appears to 
mechanically generate a measurable share of its reported revenue. Research firm NewStreet estimates that for every 
$10 billion NVIDIA invests in OpenAI, it generates approximately $35 billion in GPU purchases or lease 
payments back to NVIDIA — a 3.5x figure the Columbia GSB note describes as "attractive on the surface, but it 
means Nvidia's investment performance is directly tied to its customers' ability to maintain massive capital 
expenditure programs." Put differently: a meaningful share of the demand NVIDIA reports to justify its own 
valuation is demand NVIDIA itself financed. This is not evidence of fraud — the chips are real, delivered, and used 
— but it does mean that a slowdown in NVIDIA's own investment appetite (whether due to its own capital 
constraints or a loss of confidence) could mechanically reduce the reported demand for its products, a reflexive 
dynamic with no clean analog among the dot-com era's infrastructure vendors. 



PRUDENCE BUSINESS SCHOOL  |  EXECUTIVE RESEARCH & STRATEGY BRIEFING 
 

The AI Gold Rush: Boom, Bubble or Systemic Risk?    |  35 
 

7.3 Case Study: CoreWeave 
CoreWeave — a former cryptocurrency-mining company that pivoted to GPU cloud services — is the clearest 
illustration of NVIDIA's compounded exposure. NVIDIA holds a 91% ownership stake, making it simultaneously 
CoreWeave's dominant shareholder, its primary hardware supplier, and (through CoreWeave's own $22.4 billion in 
2025 agreements with OpenAI) an indirect beneficiary of CoreWeave's largest customer relationship. CoreWeave 
itself carries $14 billion in debt, with nearly a third due in 2026, against only $5 billion in 2025 revenue, is rated 
Ba3 (high-yield) by Moody's, and its credit-default-swap spreads have been widening — a market signal of rising 
perceived default risk. Because NVIDIA's equity stake sits below CoreWeave's debt in the capital structure, a 
CoreWeave restructuring or default would very likely wipe out a substantial portion of NVIDIA's investment before 
any of CoreWeave's creditors took a loss — while NVIDIA, as CoreWeave's hardware supplier, would separately 
absorb the loss of a major customer relationship on its income statement. 

7.4 Why NVIDIA's Position Differs From Cisco's in 2000 
The most instructive dot-com-era comparison for NVIDIA is Cisco Systems, which briefly became the world's most 
valuable company (a $450 billion market cap in March 2000, at 165x earnings) as the dominant networking-
equipment supplier to the telecom and internet buildout. Cisco extended $2.4 billion in customer loans — real, but 
modest debt-based vendor financing relative to Lucent's $8.1 billion and Nortel's $3.1 billion. Cisco's stock fell 
more than 89% from its peak and, as of 2025, had still not recovered to its 2000 high despite growing earnings 
sevenfold in the interim — a two-decade lesson in how a dominant, profitable supplier can nonetheless suffer a 
prolonged valuation reset when its customers' capital cycle turns. 

NVIDIA's position differs from Cisco's in one critical respect: Cisco was a lender to its customers; NVIDIA is 
an owner of them. A defaulted vendor loan is a credit event that can be restructured, written down, or worked out 
through standard bankruptcy mechanisms, with the lender typically recovering some portion of principal. An equity 
stake that goes to zero recovers nothing, and — because NVIDIA's stakes are frequently paired with supply 
relationships and, increasingly, financing guarantees — a single customer's distress can simultaneously impair 
NVIDIA's equity marks, its revenue outlook, and (where a guarantee exists) its contingent liabilities, in a way no 
dot-com-era vendor financing structure replicated at this scale. The Columbia GSB note frames the stakes in similar 
historical terms: "The answer will determine whether today's AI leaders follow Amazon's path to dominance or 
Cisco's two-decade recovery from the dot-com crash" — though this briefing notes NVIDIA's downside case, given 
its equity and guarantor exposure, plausibly resembles neither path exactly. 

7.5 An Analytical Blind Spot in Existing Risk Models 
A striking finding from reviewing the academic and institutional literature directly is that NVIDIA's specific risk 
exposure is structurally under-analyzed relative to its centrality in both of the most rigorous quantitative sources 
reviewed. BIS Working Paper 1367's formal contest-theory model treats "coalitions" as hyperscaler-plus-AI-lab 
pairs (e.g., Microsoft-OpenAI, Google-Anthropic) and does not include chipmakers as coalition members in its core 
over-investment and bust-probability results — NVIDIA and AMD enter only as secondary "backer" nodes in the 
paper's separate network-cascade extension (Section 5), meaning the paper's headline $378 billion / $189 billion 
bust-destruction estimates do not isolate chipmaker-specific losses. Separately, Goldman Sachs' Top of Mind report 
treats NVIDIA largely as a beneficiary — Cahn's memorable observation that "if a dollar comes in at the top, Nvidia 
keeps $1.20 today" frames NVIDIA's position as advantageous rather than risk-concentrating. Neither source's 
headline risk quantification explicitly isolates NVIDIA's own balance-sheet exposure as a distinct line item, despite 
NVIDIA's disclosed equity stakes, its majority ownership of CoreWeave, and its (reported, evolving) guarantor role 
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in OpenAI's Ohio campus. This briefing's assessment is that this is a genuine gap in the current analytical literature, 
not evidence that the risk is smaller than it appears — if anything, the absence of rigorous NVIDIA-specific risk 
quantification in the two most methodologically serious sources reviewed suggests the market may not yet be pricing 
this concentration correctly. 

7.6 Summary Assessment 
NVIDIA's chips are real, are being delivered, and are powering genuine (if not yet fully monetized) AI infrastructure 
— this briefing does not suggest NVIDIA's core business is fraudulent or its products lack value. The claim is 
narrower and, this briefing argues, better supported by the disclosed facts than the "passive shovel seller" narrative: 
NVIDIA has voluntarily converted a dominant, structurally advantaged supplier position into a concentrated, 
correlated bet on the continuation of the AI capex cycle, by layering equity ownership, prospective credit 
guarantees, and self-reinforcing demand generation on top of its chip franchise. A slowdown in AI monetization 
would not diversify away from NVIDIA the way it might for a supplier with a broad, arm's-length customer base; 
it would compress NVIDIA's chip sales, mark down its equity stakes, potentially trigger guarantee obligations, and 
undermine confidence in the organic quality of its own reported revenue — four distinct channels of loss, all pointing 
the same direction, all at once. 

7.7 The $500 Billion Wall Street Consortium (August 2026): A Live Case Study 
On 10 August 2026, NVIDIA announced it had signed memoranda of understanding (MOUs) with six Wall Street 
institutions — Apollo Global Management, BlackRock, Blackstone, Brookfield, Goldman Sachs, and KKR — 
to establish independent "AI compute infrastructure financing platforms" targeting the mobilization of over $500 
billion in third-party capital. Under the framework, NVIDIA may provide discretionary residual-value support 
for up to 25% of an opportunity — roughly $125 billion at the full $500 billion scale — assessed project-by-
project. Because this news broke during the final drafting of this briefing, and sits squarely at the intersection of 
the circular-financing, credit-risk and NVIDIA-concentration themes developed throughout Sections 4, 5 and 7, this 
subsection examines it as a live, real-time case study of the mechanisms this report has been describing in the 
abstract. 

What is confirmed, and what is not, matters enormously here. NVIDIA's own announcement and subsequent 
reporting establish that the platforms are structured as special-purpose vehicles that will own the physical 
infrastructure and lease compute capacity to end users — explicitly designed so that the financing does not add 
directly to NVIDIA's balance sheet. Goldman Sachs is the only traditional bank among the six and is reported to 
hold a structuring and distribution role, courting banks, insurers, asset managers and private-credit firms as 
downstream buyers; the remaining five are asset managers expected to retain a meaningful share of the financing 
themselves. Critically, as of this briefing, the agreements remain MOUs subject to execution of final 
agreements: no partner has disclosed a specific dollar commitment, no first project has been named, and NVIDIA 
has not publicly specified what precisely constitutes "an opportunity" for backstop purposes, whether its support 
sits in a first-loss or a more senior position, who values the underlying collateral, or whether an aggregate cap applies 
across all opportunities combined. Readers should treat any specific tranche pricing, legal-clause terminology, or 
collateral-coverage ratios circulating in secondary commentary — including some cited below — as illustrative 
modeling of how comparable asset-backed infrastructure financings are typically structured (consistent with 
the private-credit safeguards detailed in Section 5.5), not as confirmed, disclosed terms of this specific platform. 
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Figure 14. Structure of the announced $500bn NVIDIA / Wall Street compute-financing platform. NVIDIA's residual-value support is 

capped at 25% of an opportunity; the remaining ~75% of financing risk is intended to sit with the six Wall Street partners and the 
downstream institutional investors they distribute to. Diagram by the author, based on NVIDIA's 10 August 2026 announcement and 

subsequent reporting. 

Stock and financial-risk impact; the role of the six firms 
The market's initial reaction was negative, not positive: NVIDIA shares fell roughly 2.5–3% on the announcement, 
briefly erasing about $130 billion in market capitalization, with the broader Philadelphia Semiconductor Index 
closing down nearly 3% the same session. Analysts described the reaction as recognition of "left hand to right hand" 
financing — NVIDIA helping its own customers obtain the capital to buy NVIDIA products — which raises exactly 
the counterparty-concentration and circular-demand concerns this briefing documents in Sections 4 and 7.2, rather 
than resolving them. Bloomberg separately characterized the deal as intended to "soothe jittery credit markets," and 
credit-market pricing did stabilize somewhat once CEO Jensen Huang clarified publicly that the 25% guarantee is 
limited, discretionary and evaluated project-by-project rather than an open-ended corporate commitment — though, 
as the debt-metrics discussion later in this subsection details, NVIDIA's own CDS spreads remained elevated near 
multi-year highs through the following week. 

On the roles of the individual firms, public reporting is directionally consistent but does not (yet) disclose formal 
tranche allocations: Goldman Sachs, as the only bank among the six, is positioned as lead structurer and distributor, 
actively marketing pieces of the financing to banks, insurers and other private-credit players; Apollo brings deep 
private-credit origination capability of the kind already documented in Section 5.5's DDTL and GPU-backed-
lending discussion; Blackstone brings infrastructure and real-asset underwriting experience (the same capability it 
applied to Meta's Louisiana SPV, discussed in Section 5.5); and BlackRock, Brookfield and KKR are expected to 
supply long-duration, yield-seeking capital of the kind that ultimately reaches pension and insurance-company 
balance sheets — the same downstream investor base this briefing's ABS-to-pension analysis (Section 5.5, Figure 
9) already identifies as the ultimate risk-bearer in comparable structures. 

Earnings impact and the GPU depreciation debate 
The announcement lands roughly two weeks ahead of NVIDIA's 26 August 2026 fiscal Q2 FY2027 earnings 
release. Wall Street consensus revenue for the quarter sits at roughly $91.8–91.9 billion (against NVIDIA's own 
guidance of $91.0 billion ± 2%), representing close to a 97% year-over-year increase; because a revenue beat is 
already widely expected, analysts note the stock's post-earnings direction is likely to hinge on Q3 guidance rather 
than the Q2 print itself, with the newly announced financing platform explicitly intended to give management 
confidence to guide toward continued strong demand for next-generation Vera Rubin-architecture chips without 
that guidance reading as reliant on NVIDIA's own balance sheet. 
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The financing platform also throws the underlying GPU depreciation debate into sharper relief, because the entire 
premise of underwriting $500 billion in asset-backed loans against GPU collateral requires the lending consortium 
to take a formal position on how long that collateral remains economically productive — precisely the tension 
already explored in Section 5.3. Short-seller Michael Burry has published an estimate that hyperscalers' use of 5-
to-6-year depreciation schedules against a real economic chip life closer to 2-to-3 years understates industry-wide 
depreciation, and therefore overstates profits, by an estimated $176 billion cumulatively between 2026 and 2028 
— with Oracle and Meta flagged as the most exposed individual reporters on his methodology. NVIDIA and the 
underwriting consortium argue the opposite case: that NVIDIA's CUDA software ecosystem continues to extract 
productive value from older silicon (five-year-old A100 GPUs, launched in 2020, are still drawing active multi-year 
lease commitments in 2026), and that the correct underwriting framework treats a GPU as a utility-like income-
generating asset with a productive life stretching 8 to 10 years for asset-backed-securitization purposes, provided 
the chip remains usable for foundation-model training or, increasingly, lower-value inference workloads even after 
it is no longer state-of-the-art. This 5-to-6-year vs. 8-to-10-year gap is not a rounding difference — it is the single 
assumption on which the entire collateral-value case for the $500 billion platform rests, and it sits at the opposite 
end of the spectrum from Burry's 2-to-3-year estimate, meaning the three most-cited views on GPU useful life in 
the market as of this briefing differ from one another by a factor of three to four. 

The 25% backstop, NVIDIA's cash position, and CME compute futures 
Illustratively, if defaults were to cascade through the platform's borrower base, NVIDIA's backstop would operate 
as a take-or-pay-style residual-value guarantee: NVIDIA would be obligated to fund the shortfall between a 
defaulted project's realizable collateral value and its outstanding debt, up to NVIDIA's 25% cap on that specific 
project. The market's sensitivity to exactly this dynamic was demonstrated just weeks earlier, when shareholder 
pushback over balance-sheet concentration risk forced NVIDIA to scale back its separate, single-project OpenAI 
Ohio backstop from an initially reported $250 billion ceiling to a confirmed $105 billion guarantee (disclosed in an 
17 August 2026 SEC filing, tied to the initial 4.25-gigawatt phase of the SB Energy-built PORTS-Pike Technology 
Campus, with payment obligations not commencing until the facility is certified ready for service in 2028). 

Against this backdrop, NVIDIA's disclosed balance-sheet capacity is genuinely large: pro forma for a $25 billion 
debt issuance completed in June 2026, NVIDIA held approximately $106 billion in cash and marketable 
securities, against Moody's-adjusted total debt-to-EBITDA of just 0.2x — among the lowest leverage ratios of any 
large-cap U.S. corporate issuer — and S&P Global Ratings separately forecasts NVIDIA will generate over $800 
billion in cumulative free operating cash flow across fiscal years 2027–2029 (EBITDA projected at $271 billion, 
$371 billion and $491 billion in those respective years). On these figures, even a severe, simultaneous triggering of 
both the $105 billion Ohio guarantee and a substantial share of the $125 billion platform backstop would be a large 
absolute dollar figure but would not, on current rating-agency modeling, threaten NVIDIA's near-term liquidity — 
the open question this briefing flags, consistent with Section 7.5's discussion of an analytical blind spot, is less about 
NVIDIA's capacity to absorb a single shock and more about whether rating agencies' models adequately capture a 
scenario in which chip-collateral depreciation, neocloud defaults and a broader AI-monetization slowdown (Section 
8.4's three-phase domino) all move against NVIDIA simultaneously rather than in isolation. 

A parallel, structurally important development is CME Group and Silicon Data's planned launch of exchange-
traded Compute Futures on 5 October 2026 (pending regulatory review) — the world's first standardized, 
exchange-listed instrument for GPU compute pricing. The Silicon Data H100 Rental Index Futures and Silicon 
Data B200 Rental Index Futures will trade on NYMEX, cash-settled monthly against published indices tracking 
the actual hourly rental cost of NVIDIA H100 and Blackwell B200 hardware; Silicon Data (backed by trading firm 
DRW) frames the product as providing "a public, tradable reference price for the resource every AI system runs 
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on." For the $500 billion consortium specifically, a transparent forward curve for compute pricing would, for the 
first time, give private-credit lenders an independent, market-derived benchmark against which to mark GPU-
backed collateral — directly addressing the opacity problem this briefing has flagged repeatedly (Sections 5.5, 8.5) 
as a core structural weakness of GPU-backed lending to date. 

 

Debt metrics analysts are using to flag circular-financing risk 
Consistent with the definition of circular financing developed in Section 4, analysts and credit desks are tracking a 
specific cluster of metrics to judge whether the $500 billion platform represents durable infrastructure finance or a 
more fragile vendor-financing loop: 

• NVIDIA's 5-year CDS spread. NVIDIA's credit-default-swap spread — a direct market read on perceived 
default risk — surged to a record 82 basis points on 27 July 2026 (its largest single-day move since the 
contract began actively trading in November 2025) as the Ohio guarantee talks intensified, and remained 
elevated around 80–81 basis points as of 18 August 2026, even after the $500 billion platform's 
announcement was framed as risk-reducing. A CDS spread near record highs, sitting alongside a AA/Aa1-
rated balance sheet with 0.2x leverage, is itself a signal that credit markets are pricing NVIDIA's contingent 
guarantee exposure well above what its reported balance-sheet metrics alone would imply. 

• Off-balance-sheet credit-wrapper growth relative to liquid cash. Analysts sum NVIDIA's total web of 
contingent obligations — the $105 billion Ohio guarantee plus the cumulative, uncapped-in-aggregate 25% 
project backstops under the new platform — and compare the growth rate of that total against the growth 
rate of NVIDIA's liquid cash reserves. If contingent liabilities grow faster than the cash base available to 
fund them, it is read as a warning that a rising share of NVIDIA's revenue is being generated by NVIDIA's 
own structural credit support rather than by independent end-demand. 

• Customer-level debt-to-equity and free cash flow. NVIDIA's own balance sheet is exceptionally clean 
(debt-to-equity in the 0.05–0.07 range), but the borrowers actually drawing on the $500 billion pool — 
neoclouds such as CoreWeave and Nebius, and less-capitalized foundation-model labs — carry materially 
higher leverage and frequently negative free cash flow, the same borrower profile flagged as the ecosystem's 
weakest credit link throughout Sections 5.1 and 5.5. Analysts monitor whether these borrowers' operating 
cash flow covers their interest obligations; a deterioration here is the leading indicator for when NVIDIA's 
backstop would actually be called. 

• Asset-backed-security yields on GPU-collateralized debt. If the market genuinely believes AI compute 
demand is durable, GPU-backed ABS should price at ordinary infrastructure-yield spreads; analysts flag that 
these yields can reprice sharply — up toward 18% in stressed scenarios — if utilization softens or fears of 
oversupply rise, since a rising yield on chip-backed debt is a direct market statement that the collateral's real-
world value is being discounted. 

• Hyperscaler capex-to-revenue divergence. As already documented in Section 12's framing risk, the 
widening gap between AI capital expenditure and realized AI revenue (currently estimated at roughly $600 
billion annually, with one analysis placing the divergence at approximately 46%, already exceeding the 32% 
divergence of the 2001 telecom cycle) is the macro backdrop against which all of the above firm-level 
metrics must be read; continued reliance on financial engineering — including the very compute-financing 
platforms discussed here — to keep that gap from appearing on hyperscaler balance sheets is, in itself, one of 
the clearest signals several of the analysts cited in this briefing point to as evidence the underlying demand is 
not yet fully self-sustaining. 
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The SEC risk-retention ruling and rating-agency cash thresholds 
The SEC Office of Structured Finance's 29 July 2026 interpretive letter (detailed in Section 11.6) — which 
found that data-centre securitizations do not qualify as "asset-backed securities" under Section 3(a)(79) of the 
Securities Exchange Act, and therefore exempted sponsors from Dodd-Frank Section 941's 5% risk-retention 
requirement and from Regulation AB's pool-level disclosure obligations — applies directly to the legal architecture 
NVIDIA's Wall Street partners are expected to use for the $500 billion platform. In practical terms, the ruling means 
Apollo, Blackstone and the platform's other sponsors can bundle and sell GPU-backed data-centre debt downstream 
to institutional buyers without being legally required to retain a meaningful slice of the credit risk themselves, and 
without the ongoing public pool-level reporting a standard ABS issuance would require. This materially increases 
the platform's capital efficiency and speed of execution — precisely why the ruling has been characterized in market 
commentary as clearing away the last major post-2008 structural obstacle to scaling this kind of financing — but it 
also means that, structurally, none of the automatic "skin in the game" discipline Dodd-Frank was designed to 
impose applies here, leaving NVIDIA's discretionary 25% backstop and the consortium's own internal underwriting 
standards (Section 5.5's cash-sweep, downgrade-trigger and LTV-reset mechanisms) as the primary risk-retention-
like disciplines actually operating on this structure. 

On the rating-agency side, Moody's affirmed NVIDIA's Aa1 senior unsecured rating with a positive outlook 
following the Ohio guarantee disclosure, explicitly citing the $106 billion cash position, the 0.2x adjusted debt-to-
EBITDA ratio, and the fact that Ohio's payment obligations are staggered and do not begin until 2028 (with exposure 
not projected to peak until 2031) as reasons the guarantee does not currently threaten the rating. S&P Global Ratings, 
which separately upgraded NVIDIA to AA (from AA-) in June 2026, applies a more structurally conservative lens, 
explicitly modeling a "phantom debt adjustment" that reclassifies contingent guarantee exposure as core debt for 
stress-testing purposes even though it does not appear as debt on NVIDIA's GAAP balance sheet. Both agencies' 
current affirmations rest on NVIDIA maintaining cash and forward free-cash-flow generation at a scale that dwarfs 
any plausible near-term backstop call — the specific quantitative lines that would change that assessment are 
detailed in the downgrade-trigger discussion immediately below. 

Stress test: a 50% secondary-market GPU price crash 
To illustrate how the platform's protections could fail under stress, this briefing constructs an illustrative scenario 
— using the collateral-coverage and covenant mechanics already documented in Section 5.5, not disclosed platform-
specific terms — modeling a 50% crash in secondary-market GPU prices of the kind Section 8.5 already 
identifies as plausible under a correlated, forced-liquidation sell-off. 

• The collateral-coverage breach. GPU-backed infrastructure loans of the type Apollo and Blackstone 
originate elsewhere in the private-credit market are typically structured with collateral coverage of roughly 
1.3x to 1.5x — meaning a $100 million loan is backed by $130–150 million of hardware value at 
origination. A 50% collateral-value crash would drop that backing to $65–75 million against the same $100 
million loan, pushing every loan in the pool into breach of its loan-to-value covenants simultaneously — the 
same mechanical dynamic already described for the broader private-credit market in Section 5.5's discussion 
of accelerated LTV resets. 

• The escalation sequence. A covenant breach of this kind would trigger, in order: automated margin calls 
demanding borrowers post additional cash or alternative collateral; a freeze on further capital drawdowns 
from the platform pending re-underwriting; and, for borrowers unable to cure, forced liquidation of the 
underlying GPU clusters — flooding the same distressed secondary market described in Section 8.5 and 
further depressing the recovery values the consortium can actually realize, a self-reinforcing dynamic 
consistent with the three-phase domino scenario in Section 8.4. 
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• Where NVIDIA's backstop would be tested. Only after a defaulting borrower's own equity and cash 
reserves are exhausted, and the resulting shortfall is confirmed against realized (not book) collateral value, 
would NVIDIA's discretionary 25% support plausibly be called — meaning NVIDIA's real cash exposure in 
this scenario is a function of realized liquidation recoveries, not the platform's gross notional exposure. This 
is the same first-loss-absorption sequencing already described for ABS tranches in Section 5.5's pension-
routing diagram (Figure 9): losses hit the weakest layer first, and only reach NVIDIA's backstop, or a senior 
lender, once that cushion is exhausted. 

On the specific rating-agency thresholds that would change the current assessment, S&P Global's published 
corporate ratings framework for NVIDIA centers on two quantitative lines: sustained adjusted debt-to-EBITDA 
above 1.5x (against NVIDIA's current 0.1–0.2x) — which would require S&P to reclassify a large share of 
NVIDIA's contingent guarantee exposure as realized core debt, consistent with its existing "phantom debt 
adjustment" methodology — and free cash flow-to-total-adjusted-debt falling below 40% for more than two 
consecutive quarters (against NVIDIA's current ratio, which sits in the triple digits). Either sustained breach, on 
S&P's own framework, would be sufficient grounds to strip NVIDIA's AA rating and move it into the single-A 
category; the scenario in which both a severe GPU-collateral crash and a broader hyperscaler capex slowdown occur 
simultaneously (Section 8.1's "AI disappoints" case) is the most direct path by which both thresholds could plausibly 
be breached together. 

Hedging the crash: CME futures and firm-level exposure mapping 
The CME/Silicon Data compute futures launching 5 October 2026 (discussed above) are explicitly positioned by 
market participants as a hedging tool against exactly this kind of collateral-value shock. Because the futures are 
cash-settled against published GPU rental-rate indices rather than against physical chip sales, and because physical 
resale values and rental rates are economically linked, a lender or borrower holding a short position in the relevant 
contract (e.g., B200 Rental Index Futures) would see that position gain value as rental rates — and, by extension, 
physical collateral values — decline, mechanically offsetting some portion of the loss on the physical GPU collateral 
itself. Whether the $500 billion platform's final documentation will require borrowers or the platform's own risk 
desks to maintain such hedges is not yet publicly disclosed, but the same logic already underpins how Apollo, 
Blackstone and Goldman Sachs are reported to be evaluating collateral risk more broadly across their existing 
private-credit GPU books, making systematic use of the new futures market a plausible, if not yet confirmed, feature 
of the platform's eventual risk-management architecture. 

On which firms would carry the greatest exposure in a severe downturn, public reporting does not yet specify formal 
tranche allocations, but the risk logic follows directly from each firm's stated role: Apollo, as a private-credit 
originator likely retaining mezzanine or first-loss-adjacent positions to support its stated yield targets, would 
plausibly be first in line for losses once NVIDIA's 25% cap is exhausted, consistent with how Apollo's other private-
credit vehicles are structured elsewhere in this ecosystem (Section 5.5). Goldman Sachs, holding warehouse and 
bridge-financing risk while assembling deals for downstream distribution, carries elevated exposure specifically 
during the period between funding a project and successfully placing it with end investors. Blackstone, given its 
real-asset and infrastructure orientation, has some structural protection from underlying land and power-grid value 
even if GPU collateral craters, but its broader private-credit funds would still face yield compression across a 
widespread default wave. BlackRock, Brookfield and KKR, to the extent they are distributing or holding the 
platform's most senior, longest-duration tranches destined for pension and insurance-company portfolios, carry 
comparatively lower direct loss exposure in a moderate stress scenario — but, per the pension-concentration risk 
already mapped in Sections 5.5 and 8.6, are the channel through which any losses that do reach the senior tranche 
would ultimately be transmitted to retail and public retirement savers, making them the firms least exposed to the 
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platform's first losses but potentially the most consequential if losses ever reach far enough up the capital stack to 
breach the senior tranche. 

8. Scenario Analysis 

8.1 "AI Delivers" vs. "AI Disappoints" — the BIS Macro Scenarios 
The BIS Annual Economic Report models cumulative AI capex committed over 2025–2030 across a $2.0–4.5 
trillion range and estimates the resulting net economic surplus under two scenarios. Under an "AI delivers" 
scenario, net economic surplus is modeled as turning positive, in the range of roughly +$2 to +$4 trillion. Under 
an "AI disappoints" scenario — modeled as a 50% shortfall in assumed productivity gains combined with a partial 
unwind of the financing structures discussed in Section 5.5 — net economic surplus is modeled as turning negative, 
in a comparable range of roughly –$2 to –$4 trillion. The width of this range — a roughly $6–8 trillion swing in 
modeled economic outcome depending on a single productivity assumption — is itself the clearest illustration in 
the source material of how much genuine uncertainty remains embedded in the current consensus capex trajectory. 

 

8.2 The BIS Working Paper's Bust Dynamics 
BIS Working Paper 1367's calibrated model (detailed in Section 4.4) provides the most granular quantitative bust 
scenario in the source set. At baseline calibration, the model estimates: 

• A bust probability of approximately 50%, driven primarily by the pace of front-loaded, debt-financed 
commitment (front-loading rises from 43% of period-1 investment with no competitive "head start" 
incentive to 60% with one, carried by roughly $92 billion of committed debt per coalition — about a third of 
period-1 investment). 

• Conditional on a bust occurring, destruction of $378 billion at the contest-driven (circular-financing, high-
leverage) equilibrium, versus only $85 billion at the lower-leverage "planner" benchmark — at a similar 
underlying probability, illustrating that leverage and circularity primarily affect bust depth, not bust 
frequency. 

• Weighted by the ~50% bust probability, expected annual committed-capital destruction of 
approximately $189 billion. 

• At $4 trillion in cumulative capex — within NVIDIA CEO Jensen Huang's own public 2030 estimate — the 
probability of remaining in "boom" (avoiding a bust) falls to roughly 12%, per the paper's sensitivity 
analysis. 

 

The paper calibrates its fire-sale-loss assumptions directly against dot-com/telecom-era precedent, noting that 
"recoveries of specialised fiber assets during the 2001 dotcom and 2002 telecom episodes were less than 10 cents 
on the dollar" — and describes its own chosen loss parameter (50 cents on the dollar) as "conservative" relative to 
that historical benchmark, meaning the paper's headline loss estimates may understate, rather than overstate, 
plausible downside severity if AI-specific hardware (GPUs) proves as illiquid in a fire sale as dot-com-era fibre-
optic assets did. 
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8.3 Illustrative Wealth-Destruction Scenario 
Combining the BIS bust-probability estimates with the Vanderbilt Policy Accelerator's household-wealth analysis 
provides a useful order-of-magnitude bridge between the abstract modeling above and tangible economic outcomes: 
a dot-com-magnitude AI correction, propagating through the more concentrated and more broadly-held equity 
market described in Section 6.3, could plausibly destroy over $20 trillion in American household wealth — a 
larger absolute figure than the dot-com bust itself produced (equity market value lost then: roughly $8.3 trillion in 
the Nasdaq alone, per Vanderbilt; over $3 trillion, per Columbia GSB's narrower estimate), reflecting today's larger, 
more concentrated, and more broadly distributed household equity exposure (BIS finds the 30 largest S&P 500 
stocks alone represent 56% of index value). None of the sources reviewed assign this scenario a specific probability 
distinct from the BIS working paper's ~50% conditional bust estimate discussed above; it should be read as an order-
of-magnitude illustration of stakes, not a forecast. 

8.4 Anatomy of a Downturn: The Three-Phase Domino Effect 
Synthesizing the credit, financing and structural mechanics documented in Section 5.5, a plausible downturn does 
not arrive as a single shock but propagates through the ecosystem in three sequential phases, each transmitting stress 
to the next layer of counterparty through a specific, identifiable mechanism. 

 
Figure 10. The three-phase domino effect: how a demand-side shock in enterprise AI spending could propagate through cancelled 

compute reservations, DDTL defaults and collateral seizure, into institutional contagion reaching pension-held ABS tranches. 
Diagram by the author. 

Phase 1 — the revenue wall (months 1–3). Enterprise CFOs, facing weak measured ROI on experimental 
generative-AI pilots, freeze or cancel discretionary B2B AI budgets. Foundation-model labs and AI-native 
applications see a sharp deceleration in usage-based revenue growth, and in turn cancel or defer compute-capacity 
reservations with neocloud providers — the first point at which a demand-side disappointment becomes a 
contractual, cash-flow event for a leveraged balance sheet. 

Phase 2 — the collateral shock (months 4–6). With reservation cancellations reducing utilization and revenue, 
neocloud providers' cash flow deteriorates just as floating-rate DDTLs (Section 5.5) begin breaching interest-
coverage covenants; the trapped cash-sweep and downgrade-trigger mechanisms activate, but for the most stressed 
borrowers these are insufficient and defaults follow. Vendor-financing structures — including NVIDIA's own multi-
hundred-billion-dollar compute-financing commitments to prospective customers (Section 7) — come under direct 
strain as the counterparties they were extended to become impaired. Mark-to-market gains embedded in the circular 
equity stakes discussed in Section 4 reverse, and hyperscalers respond by cutting forward capex guidance, 
amplifying the demand shock back into the supply chain. 

Phase 3 — institutional contagion (month 6+). Private-credit lenders begin enforcing remedies against defaulted 
GPU-backed loans: UCC-3 termination notices are filed, lender-appointed contractors physically decommission and 
remove GPUs from data-centre racks, and the hardware is remarketed through secondary brokers and auction 
channels (mechanics detailed in Section 8.5 below). The resulting supply of stranded, forced-sale hardware — 
arriving at precisely the moment buyer demand is also depressed by the same downturn — depresses secondary-
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market clearing prices sharply. Losses first exhaust the unrated equity tranche and then the mezzanine tranche of 
the ABS structures described in Section 5.5; only in a sufficiently severe scenario do they reach the AAA/AA senior 
tranches held by public and retail pension systems, at which point the shock has moved from a sector-specific credit 
event to a broader institutional-investor and retirement-security event. 

8.5 Secondary GPU Market Liquidation Dynamics 
The severity of Phase 3 above depends heavily on how illiquid and cyclical the secondary GPU market actually is 
— and the evidence assembled from current market data suggests it is both. Under normal, non-distressed 
conditions, moderately used two-to-three-year-old GPUs (e.g., H100-class accelerators) trade at roughly 50–70% 
of new-unit pricing, and an orderly liquidation with a patient ~90-day sale timeline can plausibly realize 70–80% 
recovery against face value. But the cloud-rental data already shows how fast "normal" pricing itself is eroding 
even absent a credit event: H100 cloud rental rates have fallen from roughly $8–10 per GPU-hour in 2024 to 
roughly $1.80–3.50 per GPU-hour by mid-2026 — a 64–75% decline — while used H100 SXM5 cards that sold 
for around $40,000 in late 2023 now change hands for as little as $6,000–$22,000, a decline of up to 85% from 
peak, driven by the arrival of newer Blackwell-generation hardware and, imminently, NVIDIA's next-generation 
Rubin architecture entering sampling in late 2026. 

In a forced, correlated sell-off — the scenario most relevant to Phase 3 of Section 8.4 — this dynamic worsens 
materially. Multiple neocloud borrowers under simultaneous stress means the pool of willing buyers contracts at 
exactly the moment the pool of hardware for sale expands, a classic fire-sale dynamic; industry participants and 
capital-markets commentary cited in current reporting place plausible fire-sale recovery at roughly 30–50% of face 
value, sharply below the 70–80% orderly-liquidation base case. This is the same dynamic BIS Working Paper 1367 
calibrates by direct analogy to the dot-com/telecom bust, where "recoveries of specialised fiber assets... were less 
than 10 cents on the dollar" (Section 8.2) — with the important difference that GPUs, unlike fibre-optic cable, also 
suffer a second, independent source of value decay from NVIDIA's own product-release cadence, compounding 
market-liquidity losses with technological-obsolescence losses. The mechanical seizure process itself is also a 
source of value leakage: lenders enforcing against defaulted GPU-backed loans issue UCC-3 termination statements, 
then engage contractors to physically disconnect and ship hardware to lender-designated facilities for remarketing 
— a process that takes time, incurs logistics and re-qualification costs, and by itself further depresses realizable 
recovery relative to a hypothetical instantaneous transfer. 

8.6 International Pension Exposure: Canada vs. Europe 
Pension systems are not uniformly exposed to this risk chain; structural differences in mandate, regulatory regime 
and allocation philosophy produce materially different exposure profiles across jurisdictions — with Canada's 
largest public pension funds (the "Maple 8," including CPP Investments, CDPQ and Ontario Teachers') representing 
one of the more directly exposed cohorts among major international pension systems, and European pension and 
insurance systems, constrained by Solvency II, representing a more indirectly exposed but not risk-free cohort. 

Dimension Canada ("Maple 8" model) Europe (Solvency II / IORP II model) 

Direct AI/data-
centre investment 

Active and direct: CPP Investments has invested 
directly in data centres since 2017, has committed 
US$2.4bn with EQT/EdgeConneX for AI 
infrastructure, up to US$715m for a data-centre 
partnership in India, and US$150m directly 
supporting CoreWeave data centres 

Overwhelmingly indirect: EU insurers and pension 
funds access private credit largely through fund 
vehicles and securitizations rather than direct 
infrastructure stakes 
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Dimension Canada ("Maple 8" model) Europe (Solvency II / IORP II model) 

Private-credit fund 
commitments 

Direct and sizeable: CPP Investments has 
committed US$1bn to a Blackstone private-credit 
fund among other direct-lending allocations 

Constrained by capital-charge treatment: Solvency 
II's risk-based capital requirements have historically 
penalized illiquid private-credit holdings, limiting 
insurer/pension-fund appetite even as planned 
recalibration aims to ease this 

Governing 
regulatory regime 

Governed by pension-specific fiduciary and 
investment-policy rules set by each fund's own 
board; Canadian funds have broad discretion for 
direct alternative-asset investment (the "Canadian 
Model") 

Governed by Solvency II (insurers) and, for pension 
funds, the IORP II directive — both applying 
standardized risk-weighted capital charges that 
make illiquid, unrated or high-yield private credit 
capital-intensive to hold 

Documented 
financial-stability 
stance 

Some public and political scrutiny of AI-related 
allocations (e.g., scrutiny of CPP's xAI stake), but 
no system-wide regulatory stress-test result 
published specifically quantifying AI-private-
credit loss exposure as of this writing 

ECB and EIOPA have both published explicit stress 
estimates: the ECB projects Eurozone pension funds 
could face 5–6% asset losses and insurers around 
4% losses in an AI-driven private-credit shock 
scenario; EIOPA has separately flagged private 
credit as a financial-stability risk 

Table 7. Structural comparison of Canadian and European pension exposure to AI/data-centre debt. The Canadian model's direct-investment 
discretion allows funds to capture more of the equity-like upside from infrastructure and private-credit allocations, but by the same token 
concentrates more of the downside directly on plan beneficiaries if a correction materializes, without an intervening regulatory capital buffer. 
The European model's standardized capital charges under Solvency II have historically suppressed direct exposure, meaning the primary 
transmission channel into European retirement savings is more likely to run through senior ABS tranches purchased by insurers and pension 
funds seeking investment-grade yield (Section 5.5) than through direct fund commitments — a more diffuse, but not necessarily smaller, 
aggregate exposure once bank concentration limits push more data-centre debt toward non-bank buyers, a dynamic already observed as U.S. 
and European banks approach single-sector concentration limits on data-centre lending. 

9. Risk Management: Key Takeaways 
This closing section translates the analysis above into practical considerations for the audiences a business school 
serves. None of these are trading recommendations or specific investment advice; they are risk-management framing 
questions drawn directly from the concerns raised across the cited source material. 

9.1 For Corporate Boards & CFOs (Hyperscalers, AI Labs, and Their Suppliers) 
1. Separate the "real" from the "circular" in reported revenue and demand. Boards allocating capital 

into or alongside this ecosystem should ask management to distinguish revenue and demand signals 
generated by arm's-length customers from those generated or amplified by the company's own investment 
activity — the NewStreet 3.5x multiplier discussed in Section 7.2 is a useful diagnostic template. 

2. Stress-test off-balance-sheet exposure, not just the balance sheet. SPV, lease and guarantee 
commitments (Section 5.5) can be multiples of on-balance-sheet debt; Moody's $1.2 trillion off-balance-
sheet lease figure for just six companies illustrates the scale involved. 

3. Treat depreciation schedules as a live risk variable, not a fixed accounting assumption. The gap 
between 18% actual annual AI-capex depreciation and 5-year assumed useful life (Section 5.3) is exactly 
the kind of assumption that becomes a headline risk (as it did via the WSJ's December 2025 investigation) 
once questioned publicly. 

4. Diversify counterparty concentration where contractually possible, particularly for firms — like the 
neoclouds discussed in Section 5.1 — whose revenue depends on a small number of hyperscaler or AI-lab 
relationships that are themselves financially entangled with the counterparty providing the neocloud's own 
capital. 
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9.2 For Credit Investors, Banks, and Rating Committees 
1. Price the guarantor chain, not just the direct borrower. NVIDIA's prospective Ohio guarantee (Section 

7.2) illustrates how credit risk can migrate to a nominally "safe" counterparty through contingent liabilities 
that may not appear on a standard balance-sheet review. 

2. Watch the CDS-spread basket BIS already tracks — the 14-company "BBB or greater" AI-linked credit 
basket (Section 5.1) is a ready-made early-warning indicator; widening spreads across the basket, rather 
than at any single name, is the signal several sources flag as most informative of systemic (as opposed to 
idiosyncratic) stress. 

3. Apply extra scrutiny to GPU-backed and other hardware-collateralized lending given the 18%+ 
effective depreciation rate discussed in Section 5.3 — collateral value can erode faster than typical loan-to-
value monitoring cadences assume. 

4. Distinguish investment-grade hyperscaler risk from high-yield neocloud risk explicitly — Moody's 
own July 2026 analysis draws exactly this distinction, and conflating the two within a single "AI 
infrastructure" credit thesis risks materially mispricing the tail of the distribution. 

9.3 For Insurers and Reinsurers 
1. Close the accumulation-visibility gap Swiss Re itself identifies — since large data centres are frequently 

insured across separate building, equipment and power-plant programs, insurers should invest in cross-
program accumulation tracking specifically for data-centre risk, given the correlated-loss potential 
documented in Section 5.6. 

2. Update underwriting guidance for genuinely new hazard categories — lithium battery backup units, 
liquid cooling systems, and on-site power generation are documented sources of loss types (fire, escaped 
liquids, explosion) that did not exist in traditional data-centre risk profiles even five years ago. 

3. Reassess catastrophe-zone siting exposure actively, given that over a quarter of U.S. data-centre capacity 
may sit in high-hail zones and roughly 40% in significant tornado-risk zones, per Swiss Re's own 
geographic modeling — and that developer siting decisions are being driven by land and power availability, 
not insurability. 

4. Engage with financing counterparties on EML/PML disclosure standards — the structural gap between 
the full construction value financiers want insured and the maximum limits carriers can competitively place 
(Section 5.6) is best addressed collaboratively, before a major loss event forces the conversation. 

9.4 For Policymakers and Regulators 
1. Prioritize disclosure over prohibition as a first step. Several of the risks identified in this briefing 

(circular financing, off-balance-sheet SPVs, immaterial-threshold investment aggregation) are primarily 
opacity problems; the BIS Annual Economic Report's own recommendation — extending prudential 
standards and improved data visibility to non-bank financial institutions — targets this directly, noting 
"authorities cannot respond to risks they cannot see." 

2. Weigh the moral-hazard implications of implicit federal backstops (Section 5.4) before, not after, a 
credit event — Executive Order 14318's encouragement of federal loans, guarantees and offtake agreements 
for data centres creates precedent risk regardless of whether it is ever formally invoked. 
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3. Treat the state subsidy "race to the bottom" as a coordination problem, not an isolated state-by-state 
policy choice — several states have already begun reversing exemptions, suggesting appetite exists for a 
more coordinated approach. 

4. Structural-separation proposals ("Glass-Steagall for AI") deserve serious study, not dismissal — even 
skeptics of the specific policy should recognize the underlying diagnosis (that a single company holding 
dominant supplier, investor and guarantor roles simultaneously creates correlated risk that ordinary market 
structure would otherwise diversify) is well-supported by the disclosed facts in Section 7, independent of 
whether structural separation is the right remedy. 

10. The Insurance Market's Structural Response 
Sections 5.6 and 5.5 already established that data-centre insurance and off-balance-sheet financing are under strain. 
This section takes a closer, practitioner-level look at exactly how underwriters, reinsurers, and corporate risk 
managers are restructuring their tools in response — moving from broad, silent, indemnity-based coverage toward 
narrow, carve-out-driven, and often self-funded structures. It draws on Prudence Insurance Brokers' own market 
research alongside current industry, legal, and regulatory reporting. 

10.1 Property, Business Interruption & Trade Credit: The Core Underwriting 
Challenge 
The scale of the challenge is reflected in the market's own growth trajectory: Swiss Re Institute and Allianz 
Commercial both estimate that global data-centre insurance premiums will more than double from roughly $10–11 
billion today to over $24 billion by 2030, driven by expanding capacity, higher insured values, and increasingly 
complex operational risk — even as the underlying pool of underwriters willing to write the largest single risks 
continues to shrink relative to the capital at stake. 

• Property damage — new physical exposures. AI-ready facilities compress unprecedented power density 
into small footprints. Lithium-ion battery backup units integrated directly into server racks introduce an 
ignition source that "did not previously exist" in data-processing equipment rooms (Section 10.4 below 
details the resulting fire-standard changes); a Swiss Re analysis of FM Global loss data finds fire responsible 
for only 10.9% of data-centre loss events but a disproportionate 42.3% of total loss costs. Direct-to-chip 
liquid cooling and immersion baths, required because modern GPU racks can exceed 100 kilowatts versus 5–
15 kilowatts for legacy servers, introduce escaped-liquid loss exposure that industry sources place at close to 
a quarter of total data-centre property-damage costs. And siting decisions driven by land, power and tax 
incentives rather than insurability concentrate a large share of global capacity in catastrophe-exposed zones 
— Swiss Re's own geographic modeling finds over a quarter of U.S. data-centre capacity in high-hail zones 
and over 40% in significant-to-very-high tornado-risk zones (a figure already cited in Section 5.6), with 
Zurich separately reporting that 64% of capacity now under construction sits outside traditional low-risk 
hubs like Northern Virginia. 

• Business interruption — losses that outrun the physical damage. Power-supply issues alone drive a large 
share of data-centre outages, and because AI racks draw many multiples of legacy server loads, even a single 
blown regional transformer can trigger severe non-damage business interruption (NDBI) claims funneled 
through specialized endorsements. Claims inflation compounds the problem: while traditional property 
claims have a fairly predictable "period of restoration," lead times for custom transformers, cooling systems 
and next-generation GPUs can now stretch beyond a year, inflating extra-expense and BI payouts while a 
facility sits dark. Cascading, automated failure modes — a cooling-water shortfall triggering thermal 
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runaway triggering automated electrical cutoffs — also make root-cause determination (mechanical vs. 
utility vs. cyber-triggered) genuinely contentious in claims adjustment, a dynamic with no close analogue in 
traditional commercial property underwriting. 

• Trade credit — underwriting the circular financing web itself. Trade credit insurers covering chip 
designers, server assemblers and component manufacturers against buyer non-payment are directly exposed 
to the neocloud default risk already documented in Section 5.1 and 5.5: if enterprise AI adoption stalls, 
thinly capitalized neoclouds face rapid insolvency, triggering concentrated, correlated trade-credit claims 
across the same handful of underwriters. A related, more structural mismatch compounds this: a typical data-
centre business plan assumes a 25-to-30-year monetization horizon, while much of the institutional debt 
financing construction is compressed into far shorter (commonly around 15-year) intervals — a duration gap 
that puts credit insurers and surety providers backing long-duration power purchase agreements (PPAs) 
directly in the path of any mid-cycle credit-market tightening. 

10.2 Systemic Accumulation: When One Event Hits Four Insurance Lines at Once 
What keeps reinsurance executives awake, in the words of several market commentators, is not any single peril but 
cross-policy clash — systemic accumulation across lines that are conventionally underwritten and reserved as if 
independent. In a traditional commercial risk pool, a single factory fire hits one property policy. In the concentrated 
AI/data-centre ecosystem, a single localized catastrophe or a major grid failure can trigger correlated claims across 
four distinct lines simultaneously. 

 
Figure 11. A single physical or systemic event — a severe storm, fire or regional grid collapse hitting a concentrated data-centre 

cluster — can simultaneously trigger claims on the property, business-interruption, trade-credit and D&O/liability lines, each 
conventionally underwritten as if independent. Diagram by the author, adapted from the structure described in Prudence Insurance 

Brokers' internal research. 

Because a small, interconnected group of commercial carriers dominates the digital-infrastructure line, reinsurance 
treaties face genuinely correlated exposure across all four legs of this cascade at once. In direct response, reinsurers 
are tightening treaty definitions, inserting stricter power-interruption exclusions, and demanding far more granular 
engineering-resilience visibility before backing these risks — a dynamic examined in depth in Sections 10.9 and 
11.6. 

10.3 The Rise of Parametric Insurance for Data Centre Downtime 
Traditional business-interruption insurance is notoriously slow: claims require forensic accounting to establish 
actual financial loss, and most policies still require physical, direct damage as a condition of payout. To bypass both 
hurdles, data-centre operators are rapidly adopting parametric insurance, which pays out automatically once a pre-
agreed physical index or data metric is breached, independent of a forensic loss assessment. The mechanism is 
already live in the market: AIG launched a dedicated Parametric Cloud Outage Solution in August 2026, with payout 
triggers based on a predefined formula combining cloud-service downtime duration and estimated financial impact, 



PRUDENCE BUSINESS SCHOOL  |  EXECUTIVE RESEARCH & STRATEGY BRIEFING 
 

The AI Gold Rush: Boom, Bubble or Systemic Risk?    |  49 
 

while specialist providers such as Parametrix and Descartes Underwriting offer SLA-linked parametric cover that 
monitors power and environmental systems directly and triggers payment once a downtime or environmental 
threshold (for example, a voltage drop below a set level, or ambient temperature exceeding roughly 40°C/104°F for 
a sustained period) is breached. 

The commercial logic is straightforward: traditional non-damage business interruption (NDBI) claims tied to a 
utility failure can take months of legal debate over utility liability before a carrier pays, whereas a parametric 
structure can deliver liquidity within days — funding emergency generator fuel or SLA-breach compensation to 
downstream clients while the underlying liability dispute is still being litigated. The trade-off is basis risk: because 
payout is tied to the index rather than the realized loss, an operator can in principle be over- or under-compensated 
relative to its actual financial damage, a limitation carriers and brokers are addressing by refining index granularity 
(e.g., site-specific temperature and voltage sensors rather than regional proxies) and layering parametric cover on 
top of, rather than in place of, a reduced traditional BI limit. 

10.4 Fire Protection Engineering Standards for GPU Infrastructure 
Traditional data centres relied on gaseous fire-suppression agents (FM-200, Novec 1230) designed to flood a room 
and extinguish electrical fires without damaging servers — a design philosophy increasingly viewed by loss-control 
engineers as inadequate against the ignition characteristics of high-density AI clusters. FM Global's 2026 full 
revision of its Data Sheet 5-32 (Data Centers and Related Facilities) — one of the standards insurers most commonly 
incorporate into underwriting requirements for high-availability facilities — raised the recommended fire-
resistance rating for internal walls from one hour to two hours specifically to limit conflagration risk from rack-
integrated lithium-ion battery backup units, and FM Global has separately issued first-of-its-kind comprehensive 
guidance addressing lithium-ion battery hazards across occupancies. Swiss Re's own sigma research on data-centre 
value accumulation converges on the same finding, noting that fire causes a disproportionate share of total loss costs 
relative to its frequency. 

Emerging hazard Current engineering response 

Thermal runaway from rack-integrated 
lithium-ion batteries 

In-cabinet, micro-sensor-triggered suppression loops that detect off-gassing before 
ignition and flood only the individual rack compartment — room-level suppression 
alone is now considered too slow 

Liquid-immersion cooling vapor hazards 
High-velocity exhaust paired with non-conductive dry-chemical or water-mist 
systems calibrated to avoid the thermal shock that would crack brittle, expensive 
silicon if a standard water-based system were used 

Cross-contamination between high-
density GPU halls and legacy storage 

Physical compartmentalization: concrete, fire-walled sub-compartments carrying the 
new two-hour (up from one-hour) minimum rating, isolating GPU nodes from 
neighboring lower-density infrastructure 

Table 8. Selected fire-protection engineering responses to AI-density hazards, synthesized from FM Global Data Sheet revisions and Swiss Re 
loss-accumulation research. 

10.5 Silent AI: Exclusions Migrating Into Standard Commercial Lines 
Just as the industry spent the past decade resolving "silent cyber" — cyber risk that leaked into traditional property 
and casualty lines because policies were simply silent on whether it was covered — the market is now moving 
decisively to eliminate "silent AI": scenarios where an AI-driven system causes a loss but the underlying 
Commercial General Liability (CGL) or Professional Indemnity (PI) contract never explicitly addresses whether AI 
exposure is covered or excluded. The Insurance Services Office (ISO) issued two new endorsements effective 
January 2026 that let carriers exclude generative-AI claims from standard CGL forms: CG 40 47 excludes bodily 
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injury, property damage, and personal/advertising injury arising out of generative AI, while the narrower CG 40 48 
excludes personal/advertising injury arising out of generative AI specifically (a related products/completed-
operations form, CG 35 08, addresses that coverage part). By mid-2026, major carriers including Chubb, Travelers 
and Berkshire Hathaway had secured state regulatory approval — at an approval rate exceeding 80% of filings — 
to add explicit AI exclusions to general liability policies, with several states' exclusions taking effect from January 
2026. Separately, Berkley Insurance introduced what commentators describe as the market's first "Absolute" AI 
exclusion across several specialty liability lines, going further than the ISO forms by excluding any loss "arising 
out of" AI system operation regardless of concurrent or intervening causes (the same broad drafting technique 
examined in the reinsurance-treaty context in Section 11.6). 

The practical effect for data-centre and AI-lab risk managers is that coverage which was previously implicit — and 
therefore contestable at claim time — must now be affirmatively purchased. This is driving rapid growth in 
standalone Affirmative AI Liability products, examined in Section 10.11 below, that offer explicit definitions of 
algorithmic drift, mandatory model-auditing requirements, and performance-warranty-style coverage — mirroring 
the earlier transformation of standalone cyber insurance from a niche product into a mainstream, mandatory line. 

10.6 Underwriting Foundation Model Labs: The New Technical Audit 
To secure specialized Errors & Omissions (E&O) and technology-liability coverage, foundation model labs 
increasingly face rigorous technical audits rather than the retrospective financial-statement review traditional 
underwriting relied on. Carriers now deploy specialized data-science and model-risk teams to evaluate a borrower's 
risk profile, converging on a checklist organized around three pillars consistent with the broader industry shift 
toward auditable AI governance documentation — model lineage, training-data provenance, bias-testing history, 
and complete decision-audit trails ready for regulatory examination. 

• Data provenance & legal integrity — verifiable proof that web-scraped training data respects robots.txt 
protocols, publisher paywalls and opt-out registries; an audit of active licensing agreements with media, 
publishing and academic repositories to mitigate systemic IP-infringement exposure; and verification of the 
synthetic-data cleaning protocols used to filter inherited bias, toxic content or personal data (PII) from 
training pipelines. 

• Algorithmic control & behavioral auditing — documentation of independent, third-party adversarial red-
teaming conducted to force alignment failures before deployment; implementation of cryptographic 
watermarking across generated text, audio and visual outputs to trace downstream misuse; and a structured 
"model disgorgement" contingency plan demonstrating how the lab would purge specific training-data slices 
or retrain a model entirely if ordered to by a court or regulator. 

• Operational infrastructure security — assessment of single-point-of-failure dependency on a specific 
hyperscaler or neocloud provider (directly relevant to the counterparty-concentration risk discussed in 
Section 5.1); and real-time behavioral monitoring for prompt-injection attacks, model-extraction attempts, 
and unauthorized automated data harvesting via the API layer. 

10.7 D&O Insurance and the Pricing of Algorithmic Transparency Failure 
Directors and Officers (D&O) liability insurance shields corporate executives from personal financial exposure 
following shareholder lawsuits or regulatory enforcement actions. The opacity of "black box" AI systems has 
introduced material pricing volatility into this line. Under traditional corporate law, directors are protected by the 
Business Judgment Rule provided they make informed decisions in good faith — but when a company deploys a 
proprietary or third-party AI system that introduces systemic bias, breaches consumer-protection law, or causes a 
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major operational outage, executives frequently cannot fully explain why or how the algorithm reached its decision. 
D&O underwriters increasingly treat that inability to explain as a governance failure in its own right, distinct from 
the underlying incident, exposing directors to claims of oversight neglect even where no bad-faith conduct is alleged. 

Market pricing has moved to reflect this. Corporations that rely heavily on automated algorithmic decision-making 
— AI-driven trading platforms, automated credit-underwriting systems, predictive medical diagnostics — are 
reported to face a 25% to 40% premium surcharge relative to otherwise comparable peers. Carriers are also 
layering in restrictive Algorithmic Failure sub-limits: a corporation might carry a $50 million aggregate D&O 
program while any shareholder suit stemming specifically from an unexplainable AI error is capped at a sub-limit 
as low as $5 million, alongside elevated corporate retentions. To access standard market terms at all, D&O 
underwriters increasingly require evidence of a dedicated AI Governance Committee at board level, with 
documented regular audits of model drift, bias metrics, and compliance status against frameworks such as the EU 
AI Act — whose Article 50 transparency obligations (disclosure of AI interactions, labeling of synthetic content, 
identification of deepfakes) became enforceable for organizations with European exposure from 2 August 2026, 
adding a concrete compliance-audit trail that D&O underwriters can now request directly. 

10.8 Captive Insurance: Self-Insuring When Commercial Capacity Shrinks 
As traditional commercial carriers scale back limits, insert sweeping exclusions, and raise premiums for AI-related 
risk, large data-centre operators and hyperscalers are turning increasingly to captive insurance companies — 
wholly owned, specialized insurance subsidiaries that self-insure the parent's own risk, funding payouts directly 
from the corporate balance sheet. S&P Global's own 2026 commentary on the hyperscale build-out identifies this 
directly: given the size and complexity of hyperscale data-centre projects relative to available commercial capacity, 
greater use of captives and alternative capital (including insurance-linked securities) is expected, and hyperscalers 
already cover a significant share of their own business-interruption exposure this way. 

• Bypassing commercial exclusions. Where commercial carriers refuse to write coverage for high-value GPU 
equipment damage or the newly excluded "silent AI" liabilities discussed in Section 10.5, a captive lets the 
parent write custom policies tailored to its exact operational exposure, unconstrained by standard-form 
exclusionary language. 

• Direct reinsurance market access. Ordinary corporates cannot buy protection directly from global 
reinsurers such as Munich Re or Swiss Re. By standing up a captive, a technology parent can retain the 
predictable first-loss layer itself (e.g., the first tens of millions of dollars of downtime exposure) and then 
buy cost-effective, high-excess catastrophe coverage directly from the reinsurance market — bypassing the 
primary-carrier layer and its markups entirely. 

• Funding circular, interconnected protections. In a concentrated ecosystem where a parent firm's fortunes 
are entangled with its model-lab and neocloud partners (Section 4), a captive can be used to extend 
customized trade-credit or operational guarantees to those partners directly — stabilizing the supply chain 
when traditional commercial insurance lines simply will not underwrite the exposure. 

10.9 Reinsurance Capacity Constraints Shaping the Hard Market 
The reinsurance market backing digital infrastructure is in a pronounced hard-market phase, driven by how 
retrocessionaires (the reinsurers of reinsurers) now view systemic accumulation risk in this sector. Munich Re's own 
disclosed underwriting parameters illustrate the constraint concretely: the company offers on the order of $250 
million in net capacity for a single data-centre construction project, meaning that reaching the $10 billion of 
total coverage a mega-campus may require means stacking capacity across 40 or more carriers in a single 
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syndicated tower. Zurich has responded by securing a $1 billion data-centre quota-share arrangement and separately 
breaking out a dedicated U.S. peak-peril reinsurance tower, while Hannover Re has turned to capital markets directly 
— placing Cumulus Re, a $35 million catastrophe bond specifically covering cloud-service outage risk, as an early 
instance of insurance-linked securities (ILS) being used to diversify data-centre risk beyond traditional reinsurance 
balance sheets. 

Three structural shifts recur across the market commentary reviewed for this briefing. First, event-limit 
compression: leading European reinsurers are enforcing tighter aggregate caps on property and BI treaties for any 
single data-centre hub or contiguous technology corridor, leaving direct insurers unable to write mega-scale limits 
without assembling complex multi-carrier syndicates of the kind Munich Re's own figures imply. Second, a 
retrocession squeeze on secondary perils: because AI data centres require continuous water and power access, 
retrocessionaires increasingly view them as high-frequency risk aggregations — vulnerable to convective storms, 
flash flooding and heatwaves — rather than low-frequency catastrophe risk, pushing more first-loss retention back 
onto direct carriers' own balance sheets. Third, a shift in treaty structure: reinsurers are moving away from straight 
quota-share arrangements (where the reinsurer absorbs a fixed percentage of every loss) toward Excess-of-Loss 
structures with heavy co-insurance requirements, commonly forcing direct carriers to retain an un-reinsured 20–
30% share of primary risk layers themselves — a direct incentive for the granular engineering scrutiny discussed 
throughout this section. 

 

10.10 Sovereign Wealth Funds and Captive Structures in Infrastructure Funding 
Sovereign wealth funds — Saudi Arabia's Public Investment Fund (via its dedicated AI-infrastructure subsidiary 
HUMAIN, targeting over $100 billion toward roughly 2,200 MW of AI compute capacity), Abu Dhabi's MGX (a 
founding partner, alongside BlackRock, Global Infrastructure Partners and Microsoft, in the $100 billion Global AI 
Infrastructure Investment Partnership announced in 2025), Singapore's GIC, and others — have collectively 
committed an estimated $120 billion in 2025–2026 to data centres, semiconductor fabrication and high-
performance-computing networks. This capital differs structurally from the bond and private-credit financing 
discussed in Section 5.5: it typically carries 10-to-25-year investment horizons, no quarterly reporting pressure, and 
often an explicit political objective of securing sovereign AI-compute presence rather than a pure risk-adjusted-
return mandate. 

Where this financing intersects directly with the insurance-market dynamics above is in the growing use of SWF-
backed or SWF-adjacent captive structures embedded directly into a project's capital stack. Rather than relying on 
a data-centre joint venture to source increasingly expensive and restrictive commercial cover, a sovereign investor 
can embed its own captive to underwrite the first-loss layers of property and construction risk directly — capturing 
underwriting profit that would otherwise flow to a commercial carrier while insulating the project from commercial-
capacity shocks of the kind described in Section 10.9. This is particularly consequential for Power Purchase 
Agreement (PPA) performance risk: because a data centre's business-interruption exposure is directly tied to the 
reliability of its contracted power source, a captive able to underwrite custom PPA performance guarantees — cover 
that commercial markets are frequently unwilling to write given the correlated exposure — can materially lower a 
project's overall cost of debt by giving institutional lenders comfort that a sovereign balance sheet, not a thinly 
capitalized commercial insurer, stands behind power continuity. 
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10.11 Affirmative AI Insurance: Filling the Reinsurance Gap 
 

As reinsurers systematically strip "silent AI" exposure from standard commercial lines (Section 10.5), a specialized, 
higher-premium market for affirmative AI liability and performance insurance has emerged specifically to fill 
the resulting gap — covering AI-specific failure modes (hallucination, model drift, autonomous-agent misbehavior) 
that standard technology E&O and cyber policies now explicitly exclude. 

 

Provider / structure Capacity What it covers 

Armilla (with Chaucer, "Vanguard 

AI"; Lloyd's-backed) 

$25 million+ in dedicated AI 

liability limits, paired with $10 

million in cyber limits (Feb. 2026 

launch) 

Third-party liability from AI failures including 

hallucinations, inaccurate outputs and 

autonomous-agent behavior 

Munich Re aiSure (distributed via 

Mosaic Insurance) 

Up to $15 million in initial capacity 

worldwide 

Performance-guarantee structure — does not 

require a negligence finding; triggers on breach 

of a predefined performance threshold 

Testudo (Lloyd's Lab-incubated 

MGA; capacity from Atrium and 

QBE) 

Up to $9.25 million per insured 

Focused on the deployment gap — insures the 

enterprise that deploys a third-party model, not 

just the model vendor, including algorithmic 

compliance penalties and downstream 

exploitation 

Table 9. Selected standalone ("affirmative") AI liability insurance products active in the market as of mid-2026. Figures independently verified 
against carrier and broker press materials; see References. 

 

These products share a common technical-underwriting requirement that distinguishes them from traditional 
liability insurance: continuous, automated oversight rather than a point-in-time application. Insureds typically must 
connect their model pipelines directly to the carrier's automated evaluation risk engine; if output accuracy drops 
suddenly or unauthorized model exposure is detected, the deviation is logged automatically, allowing the policy to 
trigger a payout before the incident escalates into a full corporate liability or business-interruption event. This is the 
same underlying shift — from retrospective claims adjustment to continuous, telemetry-based risk monitoring — 
that characterizes the parametric structures discussed in Section 10.3, and it is likely to define how AI-specific risk 
is underwritten across the ecosystem going forward. 
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11. Bankruptcy, Liquidation & Regulatory Mechanics in Data Centre 
Distress 
Section 8.4's three-phase domino scenario described, in outline, how a downturn could propagate from a demand 
shock to institutional contagion. This section goes one level deeper into the legal and regulatory machinery that 
would actually process a data-centre or neocloud default if that scenario materialized — the liquidation waterfall, 
the fights over power allocation, the interaction between insurance and bankruptcy protection, and the jurisdictional 
seams between the U.S. and international insolvency regimes. These mechanics matter directly to credit investors, 
insurers and policymakers because they determine not whether losses occur in a downturn, but who absorbs them, 
in what order, and how quickly. 

11.1 The Liquidation Priority Waterfall in a Data Centre Bankruptcy 
Because a data centre combines physical real estate, digital intellectual property, utility contracts and rapidly 
depreciating microchips within a single enterprise, its bankruptcy waterfall is unusually layered relative to a 
conventional corporate liquidation. 

 
Figure 12. The liquidation priority waterfall in a data-centre institutional default. Recovery cascades from senior secured real-estate 

debt down to common equity, with the GPU-lien and unsecured-creditor layers most exposed to the technology-obsolescence and 
counterparty-concentration risks discussed in Sections 5.1, 5.3 and 5.5. Diagram by the author. 

• 1st — administrative claims & secured real-estate debt. Senior secured lenders holding first-priority 
mortgages on the land and building shell are paid first from the real-estate sale or auction, alongside Debtor-
in-Possession (DIP) financing and administrative bankruptcy expenses needed to keep power running 
through the restructuring. 

• 2nd — equipment-backed lenders (GPU lien holders). Private-credit funds that extended Delayed Draw 
Term Loans secured specifically against chip serial numbers (Section 5.5) can repossess and liquidate the 
physical hardware through secondary channels — but if secondary-market GPU values have collapsed due to 
the technology-obsolescence dynamics detailed in Sections 5.3 and 8.5, their recovery falls short and the 
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unpaid remainder is demoted to unsecured status, directly compounding the loss-severity dynamics modeled 
in the BIS working paper (Section 8.2). 

• 3rd — critical utility & infrastructure counterparties. Power utilities and telecom/fiber operators must 
have cured defaults and outstanding bills satisfied before a bankruptcy court will approve a "going concern" 
sale — data centres cannot function, and therefore cannot be sold as operating businesses, without continued 
power and connectivity, which structurally elevates utility claims above ordinary unsecured creditors 
regardless of contract seniority. 

• 4th — unsecured creditors, tenants & model labs. This layer absorbs the deepest losses: foundation-
model labs that prepaid for compute reservations never delivered, general B2B vendors, trade-credit insurers 
seeking subrogation (Section 10.1), and mezzanine debt holders. This is routinely the layer that is wiped out 
or receives only cents on the dollar. 

• 5th — equity holders & venture sponsors. Original venture sponsors, tech parent-company equity stakes, 
and common shareholders sit last and are typically vaporized entirely in an institutional default — the same 
outcome the illustrative wealth-destruction scenario in Section 8.3 assumes for equity broadly. 

11.2 "Power Grid Squatting": The Battle Over Interconnection Rights in Bankruptcy 
The absolute constraint on the AI ecosystem is not capital or chips but contracted gigawatt-scale power allocation 
— and because securing a new interconnection agreement from a regional utility can now take five to eight years, 
a signed power contract is frequently a distressed data-centre developer's single most valuable asset. When a 
developer defaults, a genuinely contested legal battle follows over who controls that grid right. Debtors, invoking 
Section 541 of the U.S. Bankruptcy Code, argue that an active interconnection agreement is "property of the estate": 
they seek to freeze the contract and use the power allocation itself as a premium asset to attract cash-rich bidders at 
auction — in effect flipping the grid right to the highest bidder to maximize creditor recovery. Utility companies 
counter aggressively, arguing that holding large, unutilized gigawatt allocations without drawing power — so-called 
"power grid squatting" — starves the broader regional economy, congests transmission planning, and prevents 
the utility from meeting its statutory obligation to serve other, operational customers; utilities contend that failure 
to meet construction milestones is a material breach entitling them to revoke and reallocate the capacity 
immediately. This tension is not abstract: FERC's own June 2026 show-cause order to six major grid operators, 
instructing them to fix inadequate large-load interconnection rules or explain on the record why the status quo is 
adequate, and the broader political backlash (including calls to break up PJM Interconnection amid data-centre-
driven price increases across the 13 states it serves) both stem directly from the scale of speculative interconnection 
requests now sitting in regional queues. 

11.3 Parametric Triggers and the Automatic Stay 
When an entity files for Chapter 11, Section 362 of the U.S. Bankruptcy Code immediately imposes an automatic 
stay — a powerful injunction barring creditors, landlords and suppliers from seizing property, canceling contracts, 
or taking enforcement action against the debtor. The rise of automated, index-based parametric insurance (Section 
10.3) intersects with this doctrine in a genuinely unresolved way. Established precedent treats liability-insurance 
policies as property of the bankruptcy estate protected by the stay; a traditional carrier that tries to cancel a policy 
post-petition violates it. But if a parametric policy is structured as a weather- or performance-index derivative rather 
than as traditional insurance, it may instead qualify for the Bankruptcy Code's financial-contract safe harbors — 
potentially allowing an automated payout to bypass the automatic stay entirely and route directly to a hedge 
counterparty or secured lender without court involvement. Courts have also routinely granted relief from the stay 
where a third-party claimant — for example, a downstream enterprise customer suing over an outage — seeks solely 
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the insurance proceeds rather than the debtor's own assets, on the reasoning that paying insurance money out does 
not deplete the estate available to other creditors. The net effect is that whether a parametric payout reaches its 
intended beneficiary quickly, or gets tied up in the same automatic-stay litigation as every other creditor claim, may 
turn on a drafting distinction (insurance vs. derivative) that most data-centre operators have not yet tested in court. 

11.4 U.S. Chapter 11 vs. European Insolvency Regimes 
The cross-border structure of the AI ecosystem — a single neocloud operating GPU clusters across Virginia, 
Frankfurt and London is a realistic example — creates real friction between American and European/UK 
restructuring frameworks when a shared digital-infrastructure asset fails. 

Restructuring 
vector U.S. Chapter 11 European / UK regimes (StaRUG, Part 26A) 

Operational control 
Debtor-in-Possession (DIP): incumbent 
management continues running operations 
under court oversight 

Often administrator-led: control frequently shifts to a 
court-appointed insolvency practitioner 

Moratorium 
protection 

Immediate, extraterritorial automatic stay 
applies globally upon filing 

No automatic global stay; regimes such as Germany's 
StaRUG or the UK's Part 26A require separate 
applications or offer shorter, more limited pre-
insolvency freezes 

Contract/lease 
treatment 

Broad statutory override: debtor can reject 
onerous leases and strip "ipso facto" 
termination clauses 

Ipso facto clauses are frequently enforceable, especially 
for utilities — contracts may terminate automatically 
upon insolvency 

Cross-class 
cramdown 

Highly structured, statutory absolute-priority 
rules govern binding dissenting creditor 
classes 

More flexible court-sanctioned mechanisms (e.g., under 
StaRUG or Part 26A) can bind dissenting classes 
without a full formal insolvency proceeding 

Table 10. Structural comparison of U.S. and European/UK restructuring frameworks as applied to cross-border digital infrastructure. StaRUG 
proceedings received their first cross-border recognition alongside a U.S. Chapter 15 filing in the 2023 Spark Networks restructuring — an 
early precedent for how the two regimes can now interact on a coordinated basis. 

The practical reclamation risk is concrete: if a U.S. parent files Chapter 11 in Delaware, the American court asserts 
jurisdiction over all debtor property worldwide, but enforcing that extraterritorial stay against a European utility or 
landlord requires the debtor to secure formal cross-border recognition — typically via a Chapter 15 proceeding or 
direct filings in the relevant local courts. Where local recognition has not yet been obtained, a European landlord or 
utility operating under its own domestic insolvency framework can move to reclaim physical site access, lock out 
the debtor's technicians, and cut power to the racks well before the U.S. stay is given local effect — a direct, non-
theoretical operational risk for any AI workload that depends on a specific offshore compute cluster remaining 
continuously online. 

11.5 Case Studies: Compute North and Bittrex Global 

Compute North: the infrastructure liquidity crisis 
Compute North, once North America's second-largest Bitcoin-mining hosting provider, operated over 700 
megawatts of capacity across Texas, Nebraska and South Dakota before filing Chapter 11 in the Southern District 
of Texas in September 2022, citing roughly $500 million owed to some 200 creditors (court filings framed the 
restructuring around approximately $266 million in funded debt). The trigger was a classic cash-flow mismatch: 
soaring regional electricity prices collided with a sharp capital downturn among its core crypto-mining tenant base, 
and its primary lender, Generate Capital, triggered a technical default that cut off the company's credit pipeline. 
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Compute North used a fast-tracked Section 363 sale (mechanics detailed in Section 11.8 below) to eliminate roughly 
$250 million in secured debt by unbundling and selling individual operating sites — including its 50% stake in a 
280-megawatt wind-powered Texas facility, sold to US Bitcoin Corp. The systemic lesson for the current AI/data-
centre cycle: physical real estate and secured power access retained real liquidation value for specialist infrastructure 
buyers, but unsecured creditors and general tenants faced extended disputes over rewritten service agreements and 
rate inflation under new ownership — a preview of the 4th-priority-layer dynamics described in Section 11.1. 

Bittrex Global: the cross-border custody precedent 
Following intense SEC regulatory pressure, digital-asset platform Bittrex shut its U.S. operations and filed Chapter 
11 in Delaware, while its international arm, Bittrex Global, entered liquidation proceedings in Bermuda. In a 
landmark ruling on 10 March 2026, the Bermuda Court of Appeal — hearing an appeal by Bittrex Global's sole 
shareholder against a series of Supreme Court orders in the liquidation — confirmed for the first time at Bermuda 
appellate level that customer digital assets held in standard wallets by a licensed digital-asset business are 
bankruptcy-remote under Bermuda's Digital Asset Business Act 2018: customers retained a proprietary interest in 
assets attributed to their wallets, and those assets could not be treated as company property available to satisfy 
general institutional creditors. Although Bittrex is a digital-asset exchange rather than a data-centre operator, the 
precedent is directly relevant to any AI-ecosystem structure (custody of prepaid compute credits, tokenized GPU-
time contracts, or client data held on a neocloud's infrastructure) where a platform's terms of service purport to 
contract around statutory customer-asset protections in the event of the platform's own insolvency. 

11.6 The Absolute AI Exclusion in Reinsurance Treaties 
To eliminate "silent AI" accumulation across multi-line books (Section 10.5), reinsurers are pushing direct carriers 
toward sweeping AI exclusionary endorsements, following the same broad-drafting playbook the market previously 
used to isolate cyber and pandemic risk. The clearest documented instance in the primary market is Berkley 
Insurance's "Absolute" AI exclusion, introduced across several specialty liability lines and described by legal 
commentators as the first exclusion of its kind to use unqualified "arising out of" language for AI-related loss — 
deliberately broader than the ISO's more contained CG 40 47/CG 40 48 endorsements discussed in Section 10.5. As 
of mid-2026 the Lloyd's Market Association had not yet published a standardized model AI exclusion clause for 
treaty reinsurance, with the LMA's own technical underwriting leadership indicating it was awaiting a market-wide 
instruction before drafting one — meaning individual carriers and reinsurers are currently drafting bespoke language 
rather than working from an agreed market wording. The structure such clauses follow, illustrated below in a form 
representative of (rather than a verbatim quotation from) current market drafting, mirrors the ISO and Berkley 
approach: a broad definition of "Artificial Intelligence System" capturing any algorithm, neural network, LLM or 
automated decision-making tool; an "arising out of, directly or indirectly" causation standard designed to capture 
concurrent or contributing AI causes even where a non-AI proximate cause is also present; and explicit carve-outs 
naming business interruption from algorithmic drift or model failure, D&O claims alleging misstatements about AI 
capability, and IP/advertising-injury claims from unauthorized generative output. 

“This [Policy/Treaty] does not cover any loss, damage, liability, cost, or expense, whether direct or 
indirect, proximately or remotely caused by, contributed to by, or arising out of the development, 
testing, training, hosting, deployment, operation, or use of an Artificial Intelligence System... This 
exclusion applies regardless of any other cause or event contributing concurrently or in any sequence 
to the loss.” 
  — Illustrative structure only, modeled on the drafting pattern of the ISO CG 40 47/48 endorsements and 
Berkley's "Absolute" AI exclusion — not a verbatim quotation from a specific filed treaty 
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The practical effect of this drafting technique is significant for the risk-cascade dynamic described in Section 10.2: 
if a GPU rack fire is later traced to a malfunctioning AI-driven cooling-control algorithm, the broad "arising out of" 
language allows a reinsurer to deny the claim entirely — even though the proximate loss (a fire) would otherwise 
sit squarely within a standard property policy — pushing the full financial burden back onto the primary insurer or, 
ultimately, the data-centre operator itself. This is precisely the mechanism driving demand for the standalone 
affirmative AI products discussed in Section 10.11. 

11.7 FERC vs. Bankruptcy Courts: The Jurisdictional Turf War 
When a large power-consuming debtor enters distress, a genuine constitutional-level conflict arises between the 
judiciary and an executive regulatory agency over who controls power-allocation contracts. Under Section 365 of 
the Bankruptcy Code, a debtor may reject burdensome executory contracts — including Power Purchase 
Agreements — to preserve cash for restructuring. The Federal Energy Regulatory Commission, however, asserts 
that wholesale power contracts fall under the Federal Power Act and cannot be modified or canceled without its 
own regulatory sign-off. Two precedents frame how this has actually been resolved: 

• The PG&E precedent (2019). Days before PG&E's Chapter 11 filing, FERC asserted "concurrent 
jurisdiction" over the rejection of PG&E's wholesale power-purchase agreements. The U.S. Bankruptcy 
Court for the Northern District of California rejected this claim outright, holding that PPA rejection under 
Section 365 is "solely within the power of the bankruptcy court, a core matter exclusively this court's 
responsibility" — FERC had no concurrent authority to require its approval before PG&E could reject the 
contracts. 

• The Mirant standard (2004, reaffirmed 2022). The Fifth Circuit's foundational ruling in In re Mirant 
Corp. held that Section 365 applies to FERC-regulated agreements because contract rejection is legally 
treated as a breach — not a modification of a filed rate — leaving the counterparty with an unsecured pre-
petition damages claim rather than a regulatory dispute. The Fifth Circuit reaffirmed and extended this 
reasoning in 2022, holding that filed-rate natural-gas and power contracts can be rejected in bankruptcy 
without FERC approval, even as some other circuits (the Sixth Circuit has moved partially back toward 
FERC on this question) have signaled a less settled national consensus. 

Mirant also established a high-hurdle exception: bankruptcy courts must apply heightened scrutiny before approving 
rejection of a genuinely critical power-allocation contract, weighing whether rejection would meaningfully disrupt 
regional grid reliability or unfairly shift costs onto retail ratepayers. For data-centre operators and their creditors, 
the unresolved circuit split means the actual treatment of a rejected PPA in bankruptcy may still depend materially 
on which circuit the case is filed in — a live legal-risk variable that does not yet have a single national answer. 

11.8 Section 363 Auctions: Mechanics of a Data Centre Asset Sale 
When a data-centre or neocloud operator enters Chapter 11, the most common path to maximizing creditor recovery 
is a Section 363 sale — a court-supervised competitive auction that liquidates assets in months rather than through 
a multi-year formal reorganization plan. 

 
Figure 13. The Section 363 sale process, from stalking-horse bid through the "free and clear" sale order. Diagram by the author. 
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• The stalking-horse baseline. The debtor selects an initial buyer to negotiate a baseline Asset Purchase 
Agreement; the bankruptcy court then approves bid procedures that typically include a 3–4% break-up fee 
and expense reimbursement to compensate that bidder if a higher offer ultimately prevails at auction — the 
same structure Compute North used in 2022 (Section 11.5). 

• "As-is, where-is" due diligence. Assets sell with essentially no post-closing indemnification, so competing 
bidders must independently verify fiber-line degradation, grid-substation load capacity, and the legal 
ownership status of any model artifacts or training data associated with the site — due-diligence categories 
that did not exist in a pre-AI data-centre sale. 

• Executory contract cherry-picking. Section 365 lets the winning bidder assume and force assignment of 
the most valuable contracts — typically long-term hyperscaler tenant leases — while rejecting unprofitable 
supplier agreements or above-market power contracts, overriding standard anti-assignment and change-of-
control clauses that would otherwise block the transfer. 

• The "free and clear" shield. The final sale order strips all pre-existing liens, claims and successor liabilities 
from the physical assets; the buyer takes clean title, while every remaining creditor claim is redirected 
exclusively to the cash proceeds pool generated by the sale — the mechanism that ultimately funds the 
waterfall in Section 11.1. 

11.9 State-Level Utility Regulation Outside FERC: The ERCOT Case 
The Electric Reliability Council of Texas (ERCOT) operates an electrically isolated grid covering roughly 90% of 
Texas's power load and sits largely outside FERC's interstate jurisdiction — historically making it an attractive, 
comparatively lightly regulated venue for high-compute infrastructure. That status changed abruptly in August 
2026: with ERCOT's interconnection queue holding an estimated 474 gigawatts of requests — more than five 
times Texas's record peak electricity demand, roughly 90% of it from data centres — Governor Greg Abbott 
directed the Public Utility Commission of Texas and ERCOT to conduct a comprehensive audit of every project 
moving through the queue, verifying power demand, water use, public financial assistance received, community-
impact commitments, and beneficial ownership before any additional project advances. ERCOT responded by 
postponing its "Batch Zero" planning study — a one-time centralized review process for grouping large loads of 75 
megawatts or more that had been designed to streamline transmission-capacity upgrades — stranding hundreds of 
projects mid-development. Alongside the audit, PUCT and ERCOT have moved to shift the cost of new high-voltage 
transmission and substation build-out directly onto developers rather than socializing it across all Texas ratepayers, 
and state legislators have floated extending the Lone Star Infrastructure Protection Act to data centres specifically, 
which would grant the state explicit authority to bar foreign-adversary-controlled entities from connecting to the 
Texas grid. Because ERCOT sits outside standard FERC jurisdiction, these are pure state-regulatory actions — 
illustrating that even data-centre operators who structured around federal interconnection rules remain exposed to 
state-level policy risk that can freeze a project's power access with comparatively little advance notice, a variable 
not yet fully priced into the private-credit structures discussed in Section 5.5. 

11.10 Synthesis: What the Legal and Regulatory Layer Adds to the Risk Picture 
None of the mechanics in this section change the probability of the downturn scenario modeled in Section 8; what 
they change is the speed, order, and finality with which losses would actually be allocated if it occurred. The 
liquidation waterfall confirms that GPU-lien holders and unsecured creditors — not senior real-estate lenders — 
absorb the brunt of any technology-obsolescence shock, consistent with the private-credit vulnerabilities in Section 
5.5. The FERC/bankruptcy-court jurisdictional split and the unresolved cross-border reclamation gap both mean 
that even a well-structured secured claim can face months of jurisdictional litigation before a lender or insurer sees 
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any recovery, extending the "fire-sale" timeline the BIS working paper's calibration already treats as a source of 
severe loss (Section 8.2). And the accelerating shift toward absolute AI exclusions in both primary liability and 
reinsurance treaties (Sections 10.5 and 11.6) means the insurance layer that boards and lenders may assume stands 
behind an AI-related loss is, in a fast-growing share of current policies, contractually designed not to respond at all 
— leaving the affirmative AI products described in Section 10.11 and the captive structures described in Section 
10.8 as the primary tools currently available to close that gap. 

12. Risk Management Advisory: Precautionary Watch-Points for the 
Next 12 Months 
This section synthesizes the full report into a forward-looking advisory, current as of this briefing's publication date, 
for the four categories of institution most directly financing this ecosystem's debt or underwriting its counterparty 
risk: trade finance banks, private credit and direct-lending platforms, bond and pension markets, and trade credit & 
political risk insurers and reinsurers (CPRI). It draws on rating-agency commentary (S&P Global, Moody's, Fitch, 
A.M. Best), central-bank and regulatory reporting already cited throughout this briefing, and Prudence Insurance 
Brokers' own internal advisory research, cross-checked against current market and press reporting. The horizon is 
deliberately short — the current environment and the next 12 months — reflecting how quickly the underlying 
credit and underwriting facts have moved even over the course of this briefing's research. 

The framing risk that cuts across all four audiences is the growing gap between AI infrastructure investment and 
realized monetization. Estimates of this gap vary by methodology and are frequently conflated in press coverage, 
so precision matters: the most commonly cited capex-to-revenue gap runs to roughly $600 billion annually, with 
one analysis placing the divergence between AI capital expenditure growth and revenue growth at approximately 
46% — already exceeding the 32% divergence observed during the 2001 telecom-capacity excess. A separate, more 
specific figure — Morgan Stanley's estimate that private credit alone represents roughly $800 billion of 
external AI-infrastructure financing capacity through 2028 (introduced in Section 5.5) — is sometimes 
conflated with the revenue gap in secondary reporting; this briefing treats the two as distinct but related indicators 
of the same underlying imbalance between capital deployed and cash flow generated to service it. 

12.1 Trade Finance & Transactional Banks 
Banks financing the physical movement of components, server assemblies and rare-earth materials sit at the front 
of the supply chain and are exposed to acute counterparty and receivables risk concentrated in mid-tier hardware 
assemblers and server integrators — firms typically several credit notches below the hyperscalers whose capex 
ultimately funds them. 

• Watch-point — the vendor-financing concentration loop. Closely audit the balance-sheet exposure of 
mid-tier hardware assemblers and server integrators whose order books depend on a small number of 
megacap or neocloud buyers (the same concentration dynamic documented in Sections 4 and 5.1). If any of 
the hyperscalers scale back capital-expenditure guidance — the specific "critical macro indicator" every 
institutional category in this section should track — vendor-financed positions at this tier face the most 
immediate liquidity shortfall in the ecosystem, since they typically carry the thinnest cash buffers relative to 
committed shipment volumes. 

• Watch-point — structural subordination in receivables. Confirm that short-term trade finance facilities 
and letters of credit sit structurally senior to the long-term equipment loans and Delayed Draw Term Loans 
(DDTLs) that increasingly saturate a borrower's capital stack (Section 5.5). Where a borrower has pledged 



PRUDENCE BUSINESS SCHOOL  |  EXECUTIVE RESEARCH & STRATEGY BRIEFING 
 

The AI Gold Rush: Boom, Bubble or Systemic Risk?    |  61 
 

GPU serial numbers to a private-credit DDTL lender, a bank's unsecured or under-collateralized trade line 
can find itself effectively subordinated in substance even where it is senior in name. 

Actionable take-away. Implement rolling 30-day reviews on all accounts receivable originating from specialized 
neocloud providers or unrated foundation-model labs, rather than relying on standard quarterly review cycles — the 
pace at which utilization and reservation cancellations can propagate through the ecosystem (Section 8.4's Phase 1 
"revenue wall") is faster than conventional trade-finance monitoring cadences assume. 

12.2 Private Credit & Direct Lending Market Players 
As the primary capital source for high-yield GPU-equipment lending and data-centre construction debt (Section 
5.5), private-credit platforms face the most direct exposure to the asset-depreciation and liquidity risks detailed 
throughout this briefing, and are the category rating agencies and regulators have scrutinized most intensively over 
the past year. 

• Watch-point — the 18-month obsolescence trap. Move away from 5-to-7-year straight-line amortization 
assumptions for computational hardware. Advanced accelerators operate on an 18-to-24-month hyper-
obsolescence cycle (Sections 5.3 and 8.5), meaning physical collateral value can — and, per current 
secondary-market pricing data, already has — eroded by 64–85% well before the underlying debt matures. 

• Watch-point — the energy interconnection freeze. Treat uncompleted greenfield data-centre projects as 
high-risk construction assets rather than near-complete income-producing collateral. State-level 
interconnection moratoriums — ERCOT's comprehensive audit freeze in Texas being the clearest current 
example (Section 11.9) — mean a project can be physically complete and still generate zero rental income 
because it cannot legally draw power, directly threatening the debt-service assumptions underlying 
construction-to-permanent loan structures. 

• Watch-point — balance-sheet opacity flagged by rating agencies. A.M. Best's June 2026 special report, 
Evolving Data Center Landscape Requires Insurer Innovation, explicitly warns that institutions holding 
private-credit or financing arrangements tied to data centres carry balance-sheet exposure "the sector has not 
yet fully priced" — a caution that applies as directly to the direct-lending funds themselves as to the insurers 
A.M. Best was primarily addressing. 

Actionable take-away. Enforce automated, quarterly loan-to-value recalculations benchmarked to current 
secondary-market GPU rental and auction pricing (not static appraisal values), paired with the cash-sweep and 
downgrade-trigger covenant structures detailed in Section 5.5, and apply them aggressively at the first sign of tenant 
under-utilization rather than waiting for a formal covenant breach. 

12.3 Bond Markets & Institutional Pension Systems 
Public retirement systems and fixed-income managers seeking long-duration, investment-grade yield have absorbed 
a fast-growing share of data-centre debt through structured Asset-Backed Securities (Section 5.5). Morgan Stanley 
projects global AI-related debt issuance will reach nearly $570 billion in 2026 — more than double the 2025 total 
— with data-centre securitizations specifically forecast to rise almost 50% to over $30 billion, meaning the pool of 
this paper held by fixed-income and pension portfolios is expanding faster than the market's own rating and 
monitoring infrastructure. 

• Watch-point — the illusion of diversification. Look past the multi-facility structure of data-centre ABS 
pools. Underlying cash flows frequently trace back to the same small group of hyperscaler tenants — 
Microsoft, Google, Meta, Amazon — documented as a systemic concentration risk in Sections 5.5 and 10.2. 
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A capital-expenditure reduction by even one of these megacaps represents a correlated, single-point-of-
failure risk across ostensibly diversified holdings. 

• Watch-point — the rating-agency methodology shift toward "merchant risk." Both Moody's (which 
finalized a dedicated data-centre ABS ratings methodology in February 2025) and Fitch (which issued an 
exposure draft in July 2025 proposing to apply its CMBS large-loan rating criteria to data-centre structured 
transactions) now explicitly flag tenant-default risk, lease-rollover uncertainty and technology-
obsolescence risk as core rating inputs — with particular scrutiny reserved for "merchant" structures that 
lack long-term corporate anchor leases and instead rely on shorter-term, more volatile cloud-compute 
demand to service AAA-rated tranches, a distinction directly relevant to the Aligned Data Centers, DataBank 
and Compass Datacenters issuances examined in Section 5.5. KBRA's own Data Center ABS Global Rating 
Methodology, published January 2026, applies a comparable tenant-default-and-rollover simulation 
framework. 

• Watch-point — hidden hyperscaler leverage. Moody's July 2026 warning that six major hyperscalers are 
projected to spend $785 billion in 2026 and nearly $1 trillion by 2027 on data centres and high-
performance computing, against $1.2 trillion in off-balance-sheet commitments (of which over $820 
billion relates to data centres still under construction), reinforces that even investment-grade anchor-tenant 
credit — the assumption underlying the safest ABS tranches — is itself under incremental rating pressure, 
even though Moody's confirms hyperscaler investment-grade ratings are not yet at imminent risk. 

Actionable take-away. Stress-test fixed-income and pension portfolios against a 50% decline in secondary-market 
digital-real-estate lease renewal rates, and confirm — tranche by tranche, not just at the program level — that 
pension allocations are not concentrated in unrated or mezzanine-level data-centre paper, consistent with the ABS-
to-pension routing risk mapped in Section 5.5 and the Canada-vs-Europe exposure comparison in Section 8.6. 

12.4 Trade Credit & Political Risk Insurers and Reinsurers (CPRI) 
Insurers underwriting non-payment risk, supply-chain default and sovereign/regulatory intervention sit at the 
intersection of the credit risks detailed in Section 5 and the insurance-market restructuring detailed in Section 10, 
and are arguably the audience with the least mature underwriting toolkit currently available for this specific risk 
class. 

• Watch-point — the downstream insolvency chain. Anticipate high default correlation among B2B 
software enterprises and venture-backed foundation-model labs. If commercial software integration and 
enterprise AI adoption slow (the Phase 1 "revenue wall" scenario in Section 8.4), these heavily unprofitable, 
cash-burning borrowers will exhaust their runways in a compressed timeframe, triggering clustered — not 
idiosyncratic — trade-credit claims across the same handful of underwriters, the same correlation dynamic 
Section 10.1 identifies as a core trade-credit underwriting challenge. 

• Watch-point — resource nationalism and grid sovereignty. Track political risk tied to regional energy 
and water scarcity directly. Municipalities and national governments increasingly treat large power-grid 
allocations as strategic assets — Texas's Lone Star Infrastructure Protection Act expansion and ERCOT's 
audit moratorium (Section 11.9), and the broader "power grid squatting" litigation described in Section 11.2, 
are both concrete precedents for the kind of sudden regulatory intervention, energy rationing, or permit 
withholding that a political-risk book must now underwrite as a named peril rather than a residual one. 

• Watch-point — the AI-adjacent bank exposure baseline is still small, which cuts both ways. A February 
2026 Federal Reserve Bank of Chicago study found banks' outstanding exposure to AI-adjacent industries 
averaged only about 0.8% of total assets — a reassuring system-wide figure, but one that masks the 
concentration this briefing documents at the private-credit, ABS-investor and CPRI-underwriter layers 
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specifically (Sections 5.5, 10.9 and 12.2–12.3). CPRI underwriters should not read low aggregate bank 
exposure as evidence that the risk itself is small — only that it has migrated to non-bank balance sheets, 
consistent with the NDFI/"double leverage" findings in Section 5.5. 

Actionable take-away. Insert explicit, absolute "Silent AI" exclusions into standard commercial credit and 
political-risk books (Section 10.5), and require technology insureds to purchase standalone, affirmative AI liability 
and performance policies with real-time model-auditing requirements (Section 10.11) as a condition of maintaining 
or renewing broader commercial capacity. 

12.5 Systemic Risk Matrix: 12-Month Outlook 

Institutional sector Primary 12-month threat 
Recommended risk-mitigation 

strategy 
Critical macro indicator to 

track 

Trade finance banks 
Accounts-receivable default via 

circular-trade unwinding at mid-

tier hardware assemblers 

Structural seniority enforcement on 

short-term facilities; 30-day rolling 

AR review on neocloud/unrated-lab 

receivables 

Megacap capital-expenditure 

guidance revisions 

Private credit funds 
Collateral impairment from rapid 

chip obsolescence and 

interconnection-freeze delays 

Dynamic quarterly LTV resets; 

mandatory cash sweeps at first sign 

of under-utilization 

Secondary-market GPU 

rental rates and auction 

clearing prices 

Bond & pension 

markets 

AAA ABS tranche degradation 

from tenant concentration and 

"merchant risk" structures 

Tranche-level due diligence on 

anchor-tenant lease maturity and 

rollover assumptions 

Moody's / Fitch / KBRA 

methodology updates on 

data-centre ABS 

CPRI insurers & 

reinsurers 

Catastrophic claims 

accumulation across correlated 

property, BI, trade-credit and 

D&O lines 

Mandatory standalone AI exclusions 

paired with verified affirmative 

"buy-back" policies 

Regional grid-capacity 

utilization and 

interconnection moratoriums 

 

Table 11. Systemic risk matrix synthesizing this section's watch-points by institutional category. Recommended strategies and indicators are 
risk-management framing points drawn from the source material cited throughout this briefing, not investment or underwriting instructions 
specific to any individual institution's portfolio. 

  



PRUDENCE BUSINESS SCHOOL  |  EXECUTIVE RESEARCH & STRATEGY BRIEFING 
 

The AI Gold Rush: Boom, Bubble or Systemic Risk?    |  64 
 

13. Conclusion 
The AI and data centre buildout is, by scale, one of the most consequential capital allocation decisions in American 
economic history — already contributing an estimated one percentage point to U.S. GDP growth, absorbing the 
majority of U.S. private domestic demand growth in early 2025, and drawing comparisons, credible on several 
dimensions, to the largest technology-driven investment manias of the past two centuries. The financial architecture 
underpinning it is more circular, more equity-based, and — by the admission of the central banks and investment 
banks studying it most closely — more opaque than the comparable dot-com-era buildout it most resembles. 
Valuation discipline is genuinely better than 2000; leverage discipline, while still favorable to the hyperscalers 
themselves, is deteriorating quickly and is already stretched thin at the neocloud layer. Risk is not evenly distributed: 
it concentrates disproportionately in a small number of counterparties, and this briefing's central finding is that 
NVIDIA — popularly understood as the risk-free "shovel seller" of the AI gold rush — has, through its own strategic 
choices, assumed a more concentrated and more correlated risk position than any hyperscaler, any AI lab, or any 
neocloud in the ecosystem it dominates. 

The insurance and bankruptcy mechanics examined in Sections 10 and 11 add a further structural layer to this 
finding: the entities meant to absorb the ecosystem's tail risk — commercial insurers, reinsurers, and the legal 
machinery of corporate restructuring — are themselves adapting defensively rather than expansively. Reinsurers 
are narrowing what they will cover through absolute AI exclusions and tighter treaty caps; large operators are 
responding by self-insuring through captives and sovereign-backed structures rather than by securing broader 
commercial cover; and the bankruptcy waterfall itself concentrates the sharpest losses on exactly the GPU-lien and 
unsecured-creditor layers that Sections 5.3 and 5.5 already identify as the ecosystem's most exposed private-credit 
positions. In short, the risk-transfer mechanisms a mature industry would normally rely on to diffuse a correction 
are, in this ecosystem, still being built in real time alongside the risk itself. 

Section 12's risk-management advisory translates all of this into a working watch-list for the institutions actually 
financing and underwriting the buildout over the coming year: trade finance banks should watch megacap capex 
guidance and enforce structural seniority on receivables; private credit funds should re-price collateral to secondary-
market GPU values on a rolling quarterly basis, not a straight-line amortization schedule; bond and pension 
managers should look through the multi-tenant structure of data-centre ABS to the small handful of hyperscaler 
credits actually paying the rent; and trade credit, political risk insurers and reinsurers should treat AI-related loss as 
a named, affirmatively underwritten peril rather than a silently inherited one. None of these watch-points requires a 
house view on whether the AI investment cycle ultimately succeeds — they are simply the discipline each 
institutional category needs regardless of how that question resolves. 

Whether this resolves as a productive, if turbulent, infrastructure buildout or as a financial correction with systemic 
consequences remains genuinely uncertain across even the most sophisticated sources reviewed for this briefing. 
What is not uncertain is that the range of plausible outcomes has widened, and that understanding the ecosystem's 
true interdependencies — financial, legal, and insurance-structural alike, not just its headline capex figures — is 
now a prerequisite for assessing risk anywhere within it. 
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